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machine intelligence, HLMI; Grace et al., 2018 )
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“We cannot expect to find a good child machine at the first attempt.
One must experiment with teaching one such machine and see how
well it learns. One can then try another and see if it is better or
worse. There is an obvious connection between this process and
evolution....... One may hope, however, that this process will be more
expeditious than evolution. The survival of the fittest is a slow
method for measuring advantages. The experimenter, by the exercise
of intelligence, should be able to speed it up. Equally important is the
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fact that he is not restricted to random mutations. If he can trace a
cause for some weakness he can probably think of the kind of
mutation which will improve it.” (Turing 1950, p.456) -
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Vehicle controller Explanation with Strongly Aligned Attention (SAA)

gy g

ol = af

Temporal
attention

“The car slows down +
because it's turning to the right.”

Explanation with Weakly Aligned Attention (WAA)

Spauo temporal
attention @_@
z 7-',._,:.' T i

“The car is slowing down +
because there is a stop sign
ahead to turn.”

Attention alignment loss

] 1 Deeply Explainable Artificial Intelligence (DExAI): Driving-X
(# p Defense Advanced Research Projects Agency, 2019 )
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TRE N R IRT GIRISR EAE > @ LB TG ET A8 Y (The
AlphaGo algorithm, this is something we’re going to try in the next few months
— we think we could get rid of the supervised learning starting point and just do
it completely from self-play, literally starting from nothing ; Byford, 2016 )
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System A

capability /
strong 3

superintelligence
civilization
crossover -

human baseline --

— — > -
now time until  takeoff ime
takeoff  duration
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“The problem, and it is a moral problem, with which we are here faced is
very close to one of the great problems of slavery. Let us grant that
slavery is bad because it is cruel. It is, however, self-contradictory, and
for a reason which is quite different. We wish a slave to be intelligent, to
be able to assist us in the carrying out of our tasks. However, we also



wish him to be subservient. Complete subservience and complete
intelligence do not go together (Wiener, 1960).”
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Abstract

In modern applications of drones or unmanned aerial vihicles, safety and privacy
are important, especially in military activities. Traditional authentication
mechanisms need additional infrastructures and the management systems are not
efficient. Blockchain can provide decentralized authentication services and
reduce the leak risks. With artificial intelligence and data in blockchains, the
system can detect malicious attempts and train machine learning models for
image recognition and reputation management of drones. Explainable Al bring
explanation to the understandings of decision and actions to human operators.
The collaboration of drones, blockchain and Al can contribute to the strong
military forces.

Keywords: Drone, Unmanned Aerial Vehicle, Artificial Intelligence,
Explainable, Blockchain, Machine Learning
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%1997 #4d & i~ iﬂ’ (Sepp Hochreiter & Jurgen Schmidhuber) e &
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sv & ik #f 1+ (Long-term dependency) > f# /47 i Eﬁ: A& g % (Recurrent
Neural Network, RNN) 7 4 + 8 |- & i}’ % (Vanishing Gradlen‘[)év”!la\:B i o

forget gate: fy = o,(Wex; + Ughe_q + by) (1)
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B & ‘&3 7z R (Bi-directional Long Short-Term Memory, Bi-LSTM) “ﬁ?
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B7 M AR iAasF e E Bean 2 0 PS(Positive Segments) £ % X & o7 i 6 37
1k & N(WAPS) te i 6 508 37(Word, 55 8 S w)fE £ # » #-N(PS)feN(~PS)
mudon L e ERaigE 0 2 5 Epw),p(WIPS)frp(w|-PS) § ik
BT R - BHEPEEER G B AT T U DR A L o
E o Tl FEd B E ARG F o P @S f EaE i ¢ ik
Pf < B A uPE DB 30 B0 D ¥ S BA 0 1 F IARAE N
1 ;E B o
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(6)

B %SG

AR HREH i B ORCR TS TR Mg ook 1 R A
3 FE Pl R o0 Valence(fr g & f o #2& )fe Arousal(‘fF 3542/ ) > B FR
R PR AR TR ER(GHAc T e~ fm sV ) BB Bt
g FA B E A N EAEFR > L AT E PO AR B 2 EF D
2 & R 4 #7(Dimensional Sentiment Analysis for Chinese Phrases, DSA P)ix
B2 FHREEFFHR THELERIRTFR I NEF G TR T REFR
RWEEY OBV U REAMCAF DR Eo AT R S E e 1A
e TR IRE T A R E RSB P R R T 0 S IR K
FRIREY KT Ty § T RENR AT
- P EREARTEFRRE

AR AL TAR KA 2017 ERFA AF T A E § HICNLP
2017)en ¥ < @m3F o B g 4 17 (Dimensional Sentiment Analysis for
Chinese Phrases, DSA_P)z_ &4 & CVAW 3.0 > 2" T4l 5 2802 £ » PIEF
FLL 750 5 5 X 3552 5 o g ke o8 ¥+:% % (Mean Absolute Error,
MAE)% A # $k4p B % #ic(Pearson Correlation Coefficient, PCC) o I 323 $3%
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Z(MAB)E4 #-5 X B3 e & BT i chih £ > BB HB LT,

R AR R AL AR > sk S AR o L S M % Bc(PCC) Edn ¥ A

155 BaRF R BB ARR B EAN-1 2 1 2/ 25 Sl

Rerfp bl Ch AR~ > BRI &3 2 A3 RApH > ¥ THPFRS 7 >07

Ar <-07> B BRI YD r&)ié#ﬂfsé 1 <0487 > 04 B EAE
TARBEE R A ApR o

Mean Absolute Error: MAE = %Z{Ll |A; — B (7)
. . . _ L n A;—A\ (P;—P
Pearson Correlation Coefficient: r=— i=1( on ) ( p ) (8)

HePnt 2 PREFTHEBE AZTAIEIRAVICAR 39> D
k5% PEAFIERSAV i A 0 AfcPA B 5 A o P ehl 9T 108k > 0y
frops W 5 Afe P iR B £ o
BN B N

A A KA f8 word embedding & 7 HCA M B0 £ A WS fE word
embedding > ;2 fI* frie 7 I FHGE Taa o Rip R 4B A S5 ESED
TR e~ ¥ 2 R &L (National Taiwan University Sentiment Dictionary,
NTUSD) & ¥ Jg 2t £ vk fdF - & e » 7 F# 44 4 f(Part of Speech, POS)

T fpde AT b iR A2 (8 18 BB g Tt AR F AT R B o
%47 o 44 word2vec ¥ CE(Character Embedding) 2 £ 25 ¥ &2/ 7R & ¥
FE o drk 284 3 BEEY S Es Tk b (Linear Regression)
v K i7 #8 5 ;2 (K-Nearest Neighbor Classification, KNN) » #% i85 4e » j% & 4¢
& e (deepneural network) > i & 10 { HH EFE e F A FAOERT £ E
#p 2 fh(Bi-directional Long Short-Term Memory, Bi-LSTM) » 402 2 £ 4 3 1
7+ » Valence ¥ Arousal e1-T 353 435 4 (MAE)2 & § $k4p B 7% 3ic(PCC)4p 2
A EE Y 22 PR F BT gt o FP AL RS & Bi-LSTM § &%
ﬁﬂlm*°
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% 2 #Arae v #(Word2Vec)

Valence Arousal
Embedding Model
MAE PCC MAE PCC
Word2vec Linear 1.365 0.128 1.212  0.157
Regression
Word2vec KNN 1.352  0.141 1.205 0.168
Word2vec BiLSTM*2 0.947  0.662 1.194  0.138
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Embedding Model
MAE PCC MAE PCC
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Regression
CE KNN 0.948 0.619 1.058 0.423
CE BiLSTM*2 0.824 0.710 0.936 0.535
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Valence Arousal
Embedding
MAE PCC MAE PCC
Word2vec 0.947 0.662 1.194 0.138
Word2vec + NTUSD 0.664 0.837 1.154 0.11
Word2vec + POS + 0.654 0.843 0.98 0.508
NTUSD




L S0 vt #2(Character Embedding, CE)

Valence Arousal
Embedding
MAE PCC MAE PCC
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CE + NTUSD 0.750  0.808 0.936 0.535
CE+ POS + NTUSD 0.667 0.811 0.93 0.552
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Abstract

The purpose of this study is to improve the public image of the Ministry of
National Defense through analyzing the post in fan page of Facebook. In order to
recognize public opinions in the social media effectively, we proposed a semi-
supervised learning approach that can detect the sentiment behind a word which
is the smallest meaningful unit of morpheme. The public opinion of posts is
further predicted through integrating sentiment of words. The experiment results
demonstrate that our proposed method is effective in sentiment inference of
words. Moreover, our case study shows that the lexicon-based sentiment analysis
method would provide better public opinion summaries by incorporating with the
data visualization. The Ministry of National Defense can thus manage and
promote their fan page of Facebook with a more effective way.

Keywords: Semi-supervised Learning, Sentiment Analysis, Data Visualization,
Social Media Analytics, Natural Language Processing.
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Abstract

Social media provides content from news agencies or generated by Internet
users, and people these days use it to get an idea about what is happening around
the world. The collection and analysis of user-generated content and discussions
allow us to understand the Internet users’ attitudes and points of view toward
specific issues and serve as the basis for correcting false perception and providing
accurate information. In this study, we retrieved the user-generated content from
a military discussion board in PTT, a Taiwanese BBS. We performed a variety of
content analysis, including word frequency analysis, co-occurrence analysis, and
clustering analysis. It is found that the user-generated content is highly focused
on the topic, and all the clusters relate to each other well. On the other hand, the
clustering results also show that there are also subjects in each of the clusters,
indicating that the method can be beneficial when we want to find out what are
the sub-topics are in the forum. It is also found that a well-defined military
dictionary in Chinese is needed for more robust future studies in this area.

Keywords: social media; data mining; text mining; military
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FREAARF FRHINK pi",ﬂ;}‘ M2t @ % R FTE L X E 5
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foo TR B P ARATHE T ﬁi%\éﬁf%‘f » {2 Larsson (2011):& — # 12 e & |
Eatermisfrmy AFmyBsihtt- mgo FRAFIETATRA
BATH R 0wt %‘fiv FrR% AR eAimy ¥ EH2TE m&-}—%ﬁx ¥ gfe

ATHR APP & * ¥ X %ﬁxkﬁuﬁﬁmﬁﬁﬁajxﬁ%

(z) HFHIZ#Ha

Chyi £ Tenenboim (2017)F* 3 S1 T % B4+ 7H F g * X ﬁt&*f;
BRI HARNTA LT FRF YR B2 8 L ik ‘T\ R
Fren iRt e giﬁ%cuéﬁimﬂjﬁ Y- BF g3 z%’** ‘j:}ém;l*
o BIEE R aRE T R T Fl s B AATH APP i K T bR '** HIR*E
ToMERFR Y FOF TR AR SHTRPN GRS v 4T HR
o4 (Leong, 2017) o F]pt » 5 "% MATHE APP i@ * 1 ¥ &8 3w i F3E
’fﬁi&?ﬁlﬂ?{’éiﬁai’ﬁ%’i%5'13%€*7’#?14 BAFETEMA LT RS
fRIAZ E 2 - o

A FRHE G P T AN E S Al B2 +
B B BT B 0 A ATR AL g&%i%%+ﬂ§ﬁﬁ’ﬁ%¢%

3

)
B
e

B r % 5 R (Fu& Yueh, 2015) o 3 ¢ 424587 7 & > 48~ ) ¢ 4
\ggz;ﬁt“;‘]?‘l__,ﬁ, ?K q.gﬁﬁﬂﬁlléﬂﬁﬁﬁglzﬁ gﬁgTTﬁlﬁ F‘x‘é%f]\?

(Ko, Mohapatra, Bailey, Sheedy & Rempel, 2014) 4~ ¢t > R #7 3 + 45 1 >
o RdLHRY a3 0 gRFRYBLDTE 2 FIEBETALAE

(Wu, Cheng & Yen, 2008) o B %Em o iﬂ" AR NP G4
FlgdE > » M H Y LR %I 424 (Lee & Kim, 2018) » 45 #
HATHE APP Iy i A L 8% » BRMIFITH i L B P anptFesig ¥ —‘F,k
TAFITATE TR DHF A Ry FREARR ~ R Y LY RFAR
i ""’iﬂ‘ﬁ‘rﬁ APP FR# 2 F AT EFLHG

E’%“ﬁ’* K g REp L hFRG FREHEER T APP ¥ 42578 (Fan &
Suh, 2014) - APP FEDOFTIH G §RFRT LT 2N DG FAe R
(Wu, Lu, Gong & Gupta, 2017) - F]* > & f& APP FF R R ARG
VIR ES SN RN S E SR R THERN SRy
4 ~ i¢ * (Mallat, Rossi, Tuunainen & O6rni, 2009) o * & #-j& _i¢ * H R
vz F RS BB T DI R Y F HATR APP s § fenfiE
£iE5 -

(-) w@#&* ji‘]‘%’?? APP mp ;%I4fb—i7fﬁrﬁ'%."ﬁpf

APP J&# \ g 1% B oo Bl H o Bt ad * f2R (Kim, Lin &
Sung, 2013) - Wu, Lu, Gong ¥ Gupta (2017)~ Fr f&4p & - APP & * #23% eh
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NP RBBATRRETEERY FF R GHPR FohR Y AL

RTHE APP LB~ EATE TN 7 0 BiZAky BABRB AL THITHEH
Peehig * T §UiE % (Westlund, 2013) - Hernandez (2010) 745 &1 > APP {7
et AR et L AR RFIEFIGHER B EBA Lo E W G
FoBEXA -3 APP ena 4987 % B IR > 23k 106 B & &40 el * 4750
BWEF TSN R i€ * (Kim, Lin & Sung, 2013)> Emmanouilidis,
Koutsiamanis £ Tasidou (2013)7733 £ 77 % » A7 - 3% 5 APP i Jgak i * 4§
REZEY >3 (A B BB BV B A RT3 By HF
AAPP R* R BRARZARFTY L FRTF I AR PR
APPARLZ 2 FE & 1 & > 1% & A 24 %+ enF f(Linnhoff & Smith, 2017)
o PR A HR L TR O REA B L R RTR T
BAi~EBEEFR NN HTAS KB FRETARY A 2 FH«*
7w 7 (Ohlsson, Lindell & Arkhede, 2017) -

BURATRE APP @ * 4 3. ¥ @ 3 hR AL AR T B AR AT 507

ST 0 ¥t Suppasert Pungprasert, Putkhaw ¥ Tuarob (2017)z% 5 » &%
Mg H E‘b;ﬂzﬁ'@‘ Aeng Ko kg AT AT T3 %ﬁﬂ i 'fq"ﬂgﬁ?i“
x&a‘%,TFEa\ﬁ‘% AN FERN R F e i MATE TR £
’—""‘i’% o pLb “,ﬁ% 3 "ﬂ‘g ;%Iésbm;ﬁff'\’ #‘rff APP ml@“ ‘L"% ‘_}\* 4 /5\ "
K¢ * o B A 248 (Huang, Zhang & Wang, 2017) > £ i€ * & ¥ ) % >
ﬁ%mﬁ\ﬁﬂi‘%aiﬁ4iﬁﬁéﬁaﬁnmﬁ%ﬁﬁom %’v
* 12 5 f#-4p i F13 (Wang, Sparks & Huang, 2017) & F 57 5 L% » i@ *
Jﬁﬁ%?)" Beos f 4 FALE R TR ol B i T8 > Tenenboim
% Cohen 2015)~ {71643 - * # § SBR AP RATH AL @ FHR
#mk ﬁ$°ﬂa%?*€ﬁ%ﬁﬁ**w¢mmiuﬁmﬁaﬁu&
C TRARATE TS B A2 ApMIE I RFERY FHEFAR R

(Feldman Hart, & Milosevic, 2017) °

Larsson (2011)1 58 F* 53 Aph e A RATH 28 (F 2 FF > FIRINA 7
il b S i’ Bkt B EHEF S BT ORTRE TN 0 FIE S BT H
APP & #* 3“,«%%“ TR P kY - E g ok B4 o Kim, Lin & Sung (2013)
441 106 l[# DI E APP B * BVEA PN FAPRES B HA MG
B A A SR TR TR %léi%ﬁo

R SN R S S R
Bt 2N e g 7 p B (Usher, 2014) » % Qie (2012):937H APP i *
’%11;4)% & KR pp_ﬁﬂ;t voogp IR "ﬁﬁ‘éﬂ“ BAFF BB TR TR
P TIRET R L TR RATH TR 0 T A gk ATH N B P& o Krebs &2

} )
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Lischka (2017)8] {2@ EEE XD AATHE § F Gy F ORPE o4 BT A
F B ATHRE IR FERE R 1\ RSN ATHE SRR
NP 115654k F TR LA £ € F R
Fardo R L RE Bl B EIEIZS FER R
(Tenenboim & Cohen, 2015) -

(=) ®* j‘;,"i%%‘r? APP TR i § KL ia

APP %“%@%fi’ EPFAEYFEL LRI > - B F
K F“iﬁﬂ M T 5 N (Yang, 2013) 0 se48%» g iﬁ*ﬁ
A4 L 3 (Mallat Rossi, Tuunainen & O6rni, 2009) * & % & & % ~
F{ ;%F‘E’ I% * ;ﬁk ﬁ'ﬁ'& m;\ ‘Azq(‘;% b TLH!: )’r@ﬁf;jé ﬁ e /? ﬁ#’?@ 2 o E\‘

o

4
Pt
P

Y
=
=
>~
‘.‘E\H ‘
p

(Sheidin, Lanir, Kuflik & Bak, 2017) » & ¥_i% iF %‘T@ APP & % 7 ¥7z2edkie
HehR P HEEA R R FROWEF T AR DR ERET . B
£ B A7 R(Cao & Lin, 2017) » @& * H $30 F L HRELE 2o e ,g—n,éft
BrE Yot o 0 B Pl APP @ % K enE AL > T AR R B AR
2k % F(Fife & Orjuela, 2012) ©

g ISR L E H %’%?ﬁékﬁ’g & r ﬁ/;}g&ér’ﬁ%‘rﬁfﬂ s T ik H 'ﬁ“
FoEE AP LECIERS N PE R %BX(thtau 2016) » & &_
ﬁ"‘*’?p@?’%@i it ep 4y "’E’EEF'&‘EF’ é#&*’?@ rﬂ;}f’zﬁ R oo . NE;E i # ’}5
AR R PIRTE APP i 414 (Mitchelstein, Boczkowski & Wagner, 2017) ©
gLk s gp B ﬁf{; AMPFELT SRE TP LR REFT ARSI BF a0 s
H_ g K ifﬁ TR o R ‘T‘»(Yao Perlmutter & Liu, 2017) -

Jfﬁyﬁ S A L HATHE APP Fas i F R e %A K
z % i~ iF ﬁﬁ Y] fn;r% FIAE: b ST 4IE v e 1 Ao
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B
’Fﬁ/ Rt f., S‘zﬁyg . %%Fg B ﬁpﬁ)g
CREES LN ([ NS
R s - kAN N R N
mge s FCMUORAME . SR AE

B - P R
% i T
TR A L A S AT UL T
il o AT TR ATH TR BT GPS
Ll e RTR S B B ¥ BT dp B
il

BT oENTRIUNEF gﬁfg,]‘g%
e 27 ae i},f_f\*;]%g@ig\im Fo i 0E
S8 FRET .

¥

o~ v§k§

37H APP ifﬁﬁ,iw“ WA S T 0 B 2R 'riﬁ‘rjiﬂ*f’ ::@ré " X

BeTd 0 (7% %~ @ % 2% 2 (Fan & Suh, 2014) » ¥ ¥ F 5 @ ¥
dﬂ"sz’%j%frﬁ APP EPRTREFAXZ LR P ¥ 2 EF 5 (Constantlmdes 2015)
c M AATHE APP g 2 # v ~ BT a0 ~ T EF ki 0 AR F
pEIS AR LR i BT OHAEE T g £ (Mallat, Rossi, Tuunainen
& Odrni, 2009) > # @jﬁﬁr—ﬂ EEERORTETR X F i‘éﬁ SABFR L 0 -
AR EFHEHATH T A U K hF R(Larsson, 2011) -

FHa s > BRgMA EHEATHR APP FRERR Y 4R ILT %
FOAPP AL R h B AL R B B R R Lﬂ”mi)i‘. # &
L %Jﬁﬁv?ﬂﬂ iooo B om T ATR APP’? ABE 0 i T
i T 4T 7 42 A 0 (Littau, 2016) 0 & & LA ATR APP i@ % ﬁm%’ o2
7 R TA A 2§ & (Trilling, Tolochko & Burscher, 2017) » & it iF »
K ﬁ'cr 3 i«:i’??@ APP F 7 &t mm—, R B g et p EATH A ¥ APP

'f\?f‘“ o Tyt ﬂkﬁﬂ" 2 Y P e

(=) 7 faer ﬂ}‘f%fTﬁ APP A -
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Y 2 ﬁ_"'h’Fp%\ a5
LU VA S & ol Lol
- \p;"#*#_ghﬁ:ﬂ

AFE R AR Y AR 1 AT e

BRI EE SRR 5 FH % 3T IAPPE
d o ER

BT ThAE
HENThAE
BRIETHAE

B 1 # % 5 R

ﬂ\pi 155 [ Tl

(=) #@* XHATH APP Fous it 2 § R4 7 2

() 2R ACHEFRY FERTH APP Foust i § FHB L 7 7

() Ak Ao F R FHATRAPP TSl § RLE 52
LRV E R 5

AELTEHTRER AR 0 EREY E AT H R o £ 2019 £ 1
1 PpI20% 20 R B ER AL E i "DoSurvey | RELE X T
o (httpS'//www dosurvey.com.tw/SurveyStart. aspx‘7id=975FD748D6562C03 )
CHT Y K AR B2 ey FHALFET o~ E-mail 2 A gl A S
R RHBELRIEBN L
= ‘Fi_l L h- B

FERFAL O R T I ANGRAGFETER 2 RES N B
ﬁﬁﬁ“%ﬂﬁ‘ﬁﬁﬁ&i4%ﬁa:$5%@éwﬁ§gg,@§$
FEAAEFRASLFRIR OMP LB ERATH  FHNE
FTALR CRE RN B NERIARIRCARL AT AFRD
AF TR EALIT 1I5A -

ARG PR TR R RER S TR Sk
rm&meﬁvﬁﬁlé CFFEREPEL219E& 17 1 P32 20
P o T4 3R B %~ Excel i 7 AT Yok 0 B fS L KR B
SPSS 23 sx #ix #8187 5e3t A 47 o
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o FRAE A
e ﬁ*‘;FB’é* J‘*\?\%é s AT MR ST L Lr’ﬁ?‘*—"—’fi\ll‘}%@ﬁ

b %~ 7 f’i » T4 2 B e 3 F R %~ Excel i 7 RILE
B B (s R OHR S U~ SPSS 23 KB KR TAA AT o AEEE it
HE Sk P)g*g FAE P hr E At 12 H S8
BT ¥ ﬁ"
B
e

AL R S E 319 50 P 12 B E A AR B 1S g ok
W& & 307 > > F 2%k ¥4k AdBicid & Ghiselli, Campbell & Zedeck (1981)2
FE o RAMAET F S 3000 4ot A R B RS JE Tkt A 1T lidg o A7
LT HSPSS23 ARG kAT L o RAERE - KB RARR R
REZ B LR FROMAE - @ F > * 000 v ek A e B
VEARAFE = R AtET A Q{’ﬁ b g S BEME T EE T
FFAR (AP ~ >0~ F4UE < R52010) > 7 &3 b wanig *
—‘ﬁ%%‘r@ APP shFa# it § 4% 3 ;T iﬂ o s w ~ H T3 R st
s rb g 2 o b Tiageani 8 2 H R 5Y(Brace, Kemp & Snelgar, 2009) >
AEREREAR AT R AR ﬁiﬁ% TH APP T # i cng REA TG A
FARL - REF2FenotrgdEHF LR (p<S50) pF > £ 14 Scheffé j2 i&
Fraefafisvmeatr BAFET {2 mHE -
S B E %R

AL AR 2R B RS IR B F T AT F 2 v kT
HEERE - AR BRI 2 S8 Rl PP S LM R #
N R j%"rbkil}ri’llffﬁ'gﬂnbiﬁ I FEE 0 ”FFB%P"’A

¥ B2 1% RS SPSS 23 Mt iRl A AT IR X RIF B ¥ B o 1Y

Cronbach’o 4 #cH7E B2k 53 P B - RIEZ LM o ik 3898 o0
FRYEINOOTIVFERAZLZEE > AT LHEP2ZFEG V- RIEFT &
(Nunnally, 1978) > 4r % 2 #7575 o

'\

_‘1

P2 RERAKRTE- T i

o X 35 Cronbach’s a &
% %7 1~4 746
F oA 5~12 852
I3 13~21 .845
e 22~28 .805
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s RREE R
TG AT SRR 0 R E RS L B A 11 2529 A
30-34 ks 5 5 ARTARRINA A Bt b ABEIA > ugd
S0 A EMIRA > UAE Rh S o LA 30
13 RREAAFTHRAILLS L
5 vl 7 P A d(n=307) B A (%)
7 130 423
A
L 177 57.7
19% (§) 11 3.6
20-24 #& 48 15.6
25-29 & 64 20.8
30-34 & 60 19.5
) 35-39 & 50 16.3
# d
40-44 #& 29 9.4
45-49 21 6.8
50-54 # 14 4.6
55-59 % 2.3
60 fk (g ) mt 1
Be ()T 2.6
* ¢ B 36 11.7
HTAER o 192 62.5
FEroer (5) Ml 71 23.1
g4 65 21.2
PRI ¥ 52 16.9
Fax 23 7.5
pd ¥ 40 13
B &% 39 12.7
Ep¥ 15 4.9
RG-S 37 12.1
LR RS 13 4.2
H 23 7.3
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53 SREAATREAFNL (F)

G 7 B L #(n=307) B A (%)
At 3% 132 43
v 3R 81 26.4

JANETES 2 38 76 24.8
P 16 5.2
By 2 i

X D N=307

HRFEF RO RS Rm o XBF R bl S (57.7%) - BRfF
el i 5‘”&%#? i e A "ﬁww“"—” (P R 5@ 0 2019) o
AOELIRA 0 RFT Y R EE 020-39 ok s o PR 2018 B4 G SR
Bt g hdicdy > ARy T pchES B P10 20 339 Ak
B (RRSFELR €2018) AT HEDELEFN - ARKTALRIA
ok B b o0 Bk PIE_ A INERS o $HPR 2018 £ SRR IR 2
FEHAREE I REREFALE R FORTRAN S BRRE S LD
%ﬁu%mémi(M@ékéﬁ%&?ﬂﬂu’mm)
N FHATE APP T it m, RALR

mw* % 5 4P rﬁgvgk HR O EATHE APP T RA SR AES N
55]%14 RIS SRl TN Pl 4 2RI 2 ’pz‘ﬁj—’-x BRPREEELESE
A A AT 0 SR BRP Y FHATR APP TS 2§ R AR
FEBEEEN IR LAFT 2 A% :".lhﬁxm MTLMARE R
2R > 1.5-24 éﬂfﬁi‘\ﬂ;ﬁ: 2534 3¢ %3 MEE: 3.5-44 ;v* +z
FABR 450 AR ARG RERE (BREAP ~F 1 ~ F4U6 - £ 2402010
) o

(-) BT XHMRIEFALIRFAG L

KRR Rl AT LA 4 e F e TRTR M
WEHEF N DI REREER ¥ THEE RES N PR KA
% o
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Fo4 @ R R G

FEE A 47 4

B M SD
ATH A RO # oA 4.33 70
ATH BT IO P 0 4.51 64
FTE B RIEEF SN 3.78 90
AT p P ROF oA 4.16 .82
X 0 N=307

=) i X ?“J'?-?- e fbﬁ"iiﬁam&ﬂﬁﬂnbm Fd B
[ ﬁ‘f %I“ R Rz AR A S B —-!Zﬁ-«;;\ T 4 @5
LN mﬁ AR F o HTRRPHART ) 07 hois o

A5 @ FHHTES ARG

Fert s 4

%R M SD
S R 3.71 83
>+ BT 4.44 .69
>+ ET 4.07 94
SR AT 4.04 1
BRI 3.30 90
Bl +Es AT 3.64 86
RS ER 3.71 94
IR Ao 3 3.71 .94

L 1 N=307

(2) R*PFEFEAIEFHNS F3r@ A%

i ﬁ‘%ﬂnﬁtifaﬁi%

» B R

Hypr TATR A S AR

Béﬁ%#ﬁ&&ﬁ # T A7 GPS R sy @”%@mewﬁﬁ@°
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6 i Ky der a7 R a4tk

wp M SD

3 A3 4.02 74
g 3.53 95
EIN 3.36 97
P A 3.26 1

T e 3.65 97
ATEITR 3.79 77
37 i 4.00 89
B GPS T =47 ATH 3.19 1

BT v AWM AR 3.91 .85

X 0 N=307

() #*FFE TFMA AL A a
R EHIT FE R RS A T R TR
ﬁqﬁﬁ;mﬁ&ﬁaﬁﬁ #HIFF DA, PF REM

17 R E RS GG kAP At

I p M SD
Bt 3.56 1.02
FTEILUAE 3.43 93
TR AR 4.30 74
FESAE 3.64 93
TEEFEF S 4.15 .89
R “,ﬁcf x5 b 3.95 .87
il “,f iNE: 3.97 .87

X D N=307

T~ AT RIEHITE APP :x"%ﬂ g R2Z AR

d 3 E8 s Yy R E AT I ITE APP f%?’f—‘ﬁ'rﬁ?%%ﬂ o T
T4z R B 53 M £ & (Thorson, Shoenberger Karaliova, Kim & Fidler, 2015)
F o ﬂ\éﬁ ﬁé;}“ﬂ??fﬂﬂ-ﬁ&r%xﬁmu% HHATE APP Fius it § R £
BorFEy auEY BIHENtR g(ttest)ff’ﬁ ¥+ égaﬁlﬁizln\ﬁ(OneWay
ANOVA) > uz};ﬁiﬁr% PAvRHEFLIRELAH  HekmpdoT o

(-) FHREEUY EHF - GPS Tind i REFIE TR
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| g

R SR A% b2 At A BT e PR
FEMH R LR 1 fER U $ATE APP Fas i LT R
AT &E‘:ﬁ? ° ,4,\%%‘:—‘_?!;_‘;‘_ %ﬁfr N e N "F']zfj'%,\ '_‘”TFEJ* T 3EEF A q o

"B+ GPS T itk 37 | Ao wdfEFLE - SRR
W TR R RWEHAG )~ TRF GPS izt gy% tﬁﬁf*“&

,]g_,gw%oég_g;g 8 o

28 2R Mugr EHETASNG R tkETLSITE

] n M SD  t-value p-value

. , o § g 129  3.98 .82
TR REE N N 177 363 9
g

T ; 129  3.38 1.06
&*’v F7 * 177  3.03 .95
N=307 > *p<.05;**p<.01;***p<.001

4.282 00 ##*

3.558 003 %*

(F) PRESRT FHITEAPPH L § ARG LE

AR %Eﬂ+%ﬂ%@ﬁ,Aﬁnkﬁw@mgyjﬁ%gAwﬁ:
AH G R LR 2 HEENUE RATEINHEFLE L REY
T Radier Fa e SHES G RES Jéﬁ%i¥°$i
PEKF o (F U Scheffé Fe TRV R BEEA AR ELR Y X
HATH APP 30 T il F R HF LR R4 9o
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29 2REEET EHTASG T R FRES L
) N M SD F- p-value Scheffé ‘&
g value
1 11 39 53
2 48 34 79
3 64 35 75
s 4 60 39 75
i 7 # > >0 38 1 2.380  .013* 4>2
6 29 35 73
" 7 21 34  1.03
8 14 39 99
9 7 4.1 37
10 3 4.3 57
111 47 46
2 48 45 .64
3 64 44 68
- 4 60 45 .64
o 5 50 44 57
ViRES 2.737 .004%** 2>7
6 29 43 62
" 7 21 38 101
8 14 42 .69
9 7 4.1 .69
10 3 4.6 57
1 11 38 87
2 48 39 .66
3 64 4.1 53
4 60 39 81
ﬁifr@zi 5 50 42 9 Ly o7 3>7
3 6 29 3.9 75 5>7
7 21 34 107
8 14 40 78
9 7 4.1 .69
10 3 4.6 57
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29 2RERE FHTAANG I REHSTE ()

iz F-
= n M SD p-value Scheffé ‘- i
5| value
| 11 3.8 1.07
2 48 3.4 73
3 64 33 .95
4 60 3.7 .88
H 2=
L 5 50 4.1 .90
B 3.552  .000%** 5>3
. 6 29 3.7 .79
B
7 21 3.2 1.27
8 14 3.8 77
9 3.7 75

10 3 4.3 57
T, A 194 (7)™ 5 T2, 420244 T3, 4 2529
B T4, RE3034 % M5, RA3539Kk; 6, & 4044 %5 7
R A 4549 %k 5 T8 KA S50-54%k ; "9, R4 5559k T10, ~ 4
60k () 2t o
N=307 > *p<.05;**p<.01;***p<.001

(2) PRETRERZT FHATE APP # i FkRy LB

AT HE R REESAT 0 AT B RT AR DR T FHATH APP
FRsdi g FL LR 2 HEWHFRETLIFFAR - F L RE
MaA o 2 RRTARRY FH THEFTHFAL | FUIRFFLE ©
14 Scheffé e (FH S 0 BRET A R RTAER T K HATE APP #
g R AR LA 10

210 2 pR7AAEABY EHTASALT I REELITE

sy kiR M D F- | Schefté -
S n -value
i 5 value T e
gs |8 42 8
BT 5 36 42 84 40
= 2.625 .050%*
N 3192 45 57 352
AL

4 71 4.6 .66
Tl REAREE (7)) 0T 2 R AFIRG T3 AEAS R
o Tay gy () o
N=307> % p< .05 ; ** p< .0l ; ¥* p<.001
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(z) 7 FBERY FHITEAPP# i F £ L8
¥ BB ‘3’:’?@”* ﬁ; AH g R LB AT HE TS
aﬁlﬁ“f:wiﬁk\%‘r’u ﬁ’*%Pa CE R FEOTATR APP T i 2 B A eh
FROAZTEINHEFLE o Eﬁjf%@%’nﬁw% N T AN
mrw%4wajgﬁi@f PojdpFAip ’%ﬁusmmmﬁa
FEE R BEET > A RRER Y KRR APP # A F R L8 -
L4 11

211 A RmERY FHRHFTAA GG L2 R R4

55 i n M SD p-value  Scheffé ‘* &

2] value
1 65 4.5 53
2 52 44 .61
3 23 4.6 48
YT 4 40 4.5 81 {54
L 5 39 4.6 46  1.803 .05%
% 8>5
6 15 4.7 45
7 37 42 .76
8 13 4.6 48
9 23 43 .94
1 65 3.6 .83
2 52 3.9 95
3 23 3.7 75
L 4 40 3.8 1.04
L 5 39 4.0 g2 2489 01%** 4>6
¥ x
6 15 3.8 91
7 37 3.8 .80
8 13 3.0 81
9 23 34  1.03
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11 ARFERT AHFAAL G R I EA A (D)

#% o M sp p-value  Scheffé +* #i
5| value
1 65 34 .77
2 52 37 91
323 35 1.03
o 4 40 39 71
e 5 39 38 .63 1913  .05% 6>4
TR 6 15 40 65
7 37 37 .89
8 13 33 .65
9 23 36 .98
1 65 38 .83
2 52 35 99
3 23 36 .88
I 4 40 36 77 s
_ 5 39 32 1.06 2395 .01**
B 7>5
6 15 39 .70
7 37 32 101
8 13 34 87
9 23 32 120
1 65 36 .94
2 52 36 1.05
323 31 .86
.. 4 40 34 98
PO 539 34 1.07 2238  .02% 4>5
P
6 15 32 1.03
7 37 40 .84
8 13 3.1 1.28
9 23 35 116

s Tl ag4 D T2 RARBE, T3, faFat; T4, 74&p
dE; TS, RAB s (6, RAamE; (7, SAWBE; T8, &
ZHERE; T, NEHB o

N=307 > *p<.05;**p<.01;***p<.001

(I) PR Bar@* FHTEFAPPH LT R L3
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S R %?ﬂﬁﬁ%ﬁiiﬂﬁ%’ipiﬁﬁﬂi
%ﬂﬁbam¢+%’uﬁﬁ*zk B i % F 4 ATHE APP Fols a2 &g
Weg ko 43 FALR - FLEEHT AR ALR R FHNT

~

m;4gbmr?+ﬁ—a“ }"ﬂﬁsbJ ER2 TR ERFLAR - FELL 12

212 AREAHEY EHTASNGRLLE TR

) n M SD p-value  Scheffé +* #&
value

L

132 4.1 .89

2 +E 3 81 39 .98
i T 5 76 40 96 3.014 .018* 2<4
i 16 46 .87
2 50 .00
132 40 1.0l
> Y 81 3.8 .98

76 4.0 1.00 3.162 .014* 2<4
16 4.7 17
5.0 .00
132 3.1 .94
81 3.2 94

+7 5§

Ul

A W DO 0 B W N =W B WD~ W B WND —
\S]

A IR
@i{’j& 76 3.5 1.09 2962 .020%* 1<3
fr%ﬁ At
16 2.9 .99
2 3.5 212
132 3.9 .87
81 3.9 .86
FTH T 1<4
- 76 3.9 97 2783  .027*
= 3<4
16 4.6 .60
5 2 4.5 .70
R N T A AL RS DI

P NG INE TNE N - ST
s Bd) o T4 AL (7 5K - r-a\) ; |—5J NiaE (B
BB B o

N=307 > *p<.05;**p<.01;***p<.001

:{iw
. W
—
1
(98]
L
j,
*>‘
R
T~
*1
Ja
/4
3

-\

\

() PREFRRAR FHFTAS LG *5 L2
AETRENEDADSIEE AP A T RA DR K H
FTHE APP 33 nﬁf#m E F L B, 0 A 13 AT o

78



213 2k FFFR* FHEFTArn g RLE 2
g A gRE

5 T b sw grmA mE mas
&7 I A A A

TH APP  HIT i A A A

FRPR g A A A A
AT A A A

e OTA) A&y oD FEFLE

'P’_k

s & 0 3 e hulit ¥ KRR APP Fus il Y e TRk
;;J\l'?fn;é,,bJﬂ}#m' &g_g;ﬂ, c*,xu;’]v},g’#.ﬁj—%r
Be &0 ~ ThT GPS =97 b 3TH ﬁﬂ“xﬁi}i‘\f?—‘* e
,,qu °

7l ERK R FHATH APP TSN F R LB P ES
&F‘T’]PF'-EJ?%?(’_&‘}‘J‘ lgjﬁIéﬂbJ N rjﬁvﬁﬁJ N l—ihg"i”ﬁﬂbJ:?‘ﬁ
Ho ~BEEEFLE > BP0 % 00 45-49 R 0 "RTE A F A
T RARR A B0 3 25229 & 2 35-39 fhenx Fi‘i‘ °

AL AT KT AR DR K AR APP ARLEAR TR SR 8

BR3P R ?(Ja_ﬁ_}imipf—"ﬁ ¥ Tz A T#U# v TRk
%i%’ze Py Fpw2F KRR A “*J’J‘*fkgfm** ST AT Y AR
Lz;f:ﬁﬂ °

%%Zkﬁiéwﬁ%*ﬂﬂ%:tf* sy > MR S AT
* :*'r_ué * Jf%‘”‘*mﬁ i sESS ) nb'f#m BPIHEFLRE  TEHIR
)%:.u_, o K }”f “JLI% g 2 AR F‘T' ’Eﬂz‘*%&ﬁ"r I BN T
ﬁéﬂ'*‘v??gmﬁé‘éﬁ’!r%ﬁﬁﬂﬁ‘éJ VRS e 2 F R FE LR

s

o

-~ 5@ma L*fvi‘«

AR E RGP R B RS T ko F Y HATE APP
= ATR 4 \wm@g ‘ATR APP @ ”FT P LR (S AR B AT L AR B 2 AT
TH T R ez 34
Rt

AMELEEREN SN A0 R FHATE APP T3S F R
) ;’;L‘Flg 'ﬁrlﬁ °

79



(-)R*EH TREAR ) FRERES - TId#E ) § R
L
APP e * f25 e % f B Pt B AT A AR R M oT 0 BATH APP
SE sl R L A ) Tk A R RARRRE o 1345 Tamul
2 Martinez-Carrillo (2018)#7 § 4p ) » M FEchb 45 30F 5 223035 16 % 4
Bl ety FHREPTFOTA KR T AP TRES R
R BT FH TMEEFIF ) H D FRER o B ATH APP it

*E ek ﬁﬁ‘aw A0 E LA i H0F i

—

¥->5 H%’”’*‘H‘r?fm:’vi‘me,ﬁ RATR B X o JHip R FIEATH F
M FEMET M o F 5 #“%%?FEF% HIFL AT 0 F 2016 E R AEDEF
erwré’#i%ﬁ—m@ »mﬁﬁwrﬁfa\s}ﬁ Wo 0 FRREIT IR A ALFE S ipdt k2

A
AT T 0 o F R R dﬂz F <o % &R (Allcott & Gentzkow,

2017) -
(=) 2RACHEAER ""i’% g Ry £ R
likﬁwﬁ*ﬁ%;mﬁuﬁﬁpﬁfii
R S ATARLF REFF LB - HAKER TR

]“n“%ljfe”** HEAF i T RdF ) ~ TET GPS 9t 37F |
%%ﬂA* ~rﬁ#wﬁw“?%J*rJ¢$*“%JiﬁWéﬂ

gt b engg FoRE o 2P 7L " R4EF ) - TR GPS T

otk FTH | hE TR R %7”\%“'4* M K Ao TERBETA 2 T

CIE F"FR‘JE‘IJ ijt,gqrﬂafﬁj\ﬁg«%?g@_,gwﬂ fz;}fg

Constantinides, Dowell, Johnson ¥ Malacria (2015)3 34# 3 & % 45 41 > {1 *

LA RATH FAHAITE APP e it * F @ 5 > ¥ & 7 R FG

P A TATE A RS REFHTS Rif- 2P R%E8XF ]

FERAPOL RN R Y FRT TR "% 2 TR RERIMET

%ﬁm%’%ﬁﬁfﬁ%ﬂ»?ﬁﬁ@?ﬁ”ﬁﬁﬁﬁﬁﬂ%@%ﬁ,U£

H AT s AT R G M (Messmg&Westwood 2014) -

2. % Pf-ﬁﬂfx%’*-ﬁm;, RHERFRFEFLE
p gl %@T,,ﬂgﬁﬁ%vw>’rm24%J&M§?ﬁ%H?F¢+@
BET G R AR FR T T4549 K i v K Koo 730-34 k| eiE ¥
FHw T3  FREREFR N 2024 4K cnie ¥ o T2520 % %
73539 Ay it ® K TATR AL | F REAEF S 14549 A e
é?ﬁ’“r%39%Jm£¥ﬁr TEAE T RAERREFF 13034 &
| mné”*—‘ﬂk o 13539 | enig # —‘k}i‘*" "< | AE hE FRREY

B 12529 g v o
3ARKTRARY FATAHANT R HFLE

80



AETUNEFR IR KA EAE %Pﬁf{z';ﬁifir%’* o RPN AT
APP Fa# it 3 Rz L B o7 B 5 HT & F ‘:,umﬁ S rrs
‘;%“‘J g * F]A?‘J"%:&r';’ +& 5 /fﬁﬂﬂbJ TR EFs N TFEL (7
Y b e X Tl B%‘«J g F X “ﬁ* rﬂ-l—ﬁé‘;‘iiﬂﬁJ 7 AR K
Faaw il Emi, 2 T (F) '1 dooenigrE s TR () T
G FEP DL FRBRANFF T LT (F) ) i

ﬁ ’xziq‘*.“—,’f—!ré LR AN LT AR BB E S 2 £ 2R
;ATE -

4LARRERT EHFRANG R HFLE

e PEB,%‘«?{ it ’3* F,*ﬁ‘;{; LHid RZAZBEA 2T 5T &
AOTPRARE R F T T R ieE 2 THRARG AT OF RAEY
%%LgFﬁ@iJﬁ@w%;ﬁéFﬁéﬁJﬁ@?i%%F%Eﬁgﬁ
Ao | KFEA\—F}-IéMJ 2k T\fi&&ﬁ'ﬁ KR I—%ﬂ’ile 3+ mlgg,—ﬂ!z ; &
FpRir ¥ | ml%’*"’*’ﬂ‘*"r%ﬁ’ﬁ“/’v R0 T2EERS R TR
BANFA L HuE e LG TR it s T
RE o RREEEFF L L TEME Jml%’q’f”k?—ﬁ’%rﬂﬂ?—Jm
,é?.ﬁ*j—&rlﬁ@_}fﬁerﬁ 1\7@_&&?%% %I‘gq m,gfﬂﬂ',ﬁ/

ET

B TEA R FER TF s oA R P ARAEFR LS TR
Fohwd Fo Hugn w2 LR X AEIEE > FB T
ﬁrr"4Pai%h?‘éfé?'ﬁ%*v?ﬂiééﬁ‘?ﬂliﬂné’ﬁj’\éaﬁiﬂl’f"\

S.AREEFRT FHFTAXLIHEFLE
7_}\15;2%%"‘7’1“’7}]\?'% I%I%Qf—-ﬁ!z"’«p Iéﬂbmtpqﬁg_a@:’%«fiitré
IR TATE A pﬁwJ\r%ﬁﬁaﬁﬁJﬁrﬁiﬂﬁﬁﬁ
VAR F R L AL TA P F S R TR i X
+%Fv+mgzﬁ@%uJ\F@+ﬁ%+%§ﬁw@%ﬁJ\r@%+%%ﬁwﬁ
¥ ;;J N rﬁ“ﬁ’%‘f{gﬂ ;;J N r&?"/“rﬁ»# 'Jﬁmﬁﬂfﬁg?TEﬁ HbJ m,ﬁ FARR
RS ﬁﬂé’*ﬁ;%ﬁgripn mx%'**'ﬁ}‘]"‘v':‘ M2 +m@
¥+‘§3’§§§Jﬁﬁ E‘EJ > r%]u‘i"a F ﬁﬁ HhJ > r%ffff’]/{f??ﬂ ;EJ ‘-”/”% FAz
CEE AR ﬁ%Jm@wﬁ;ﬁ¢ari%Jﬁ@%ﬁ%%F¢+
4

¥ s
§w+%ﬁmﬁxﬁJaF%EﬁﬁxﬁJ%%ﬁﬁ&%¥%*ﬁﬁ*rﬂ
Fom Ay 2 T dn i v F g T H0F ke
PR R AR TR R E AR
¥



(-) HREAMF APP R F 22— 2R f 57 A2
PR E
NEFRIL j"*ﬁ*“??%?ﬁ?ﬁf—?#ﬁzﬁ v v +F§]z§’lgﬁf AT A F
ﬂ?ﬁ""] /%ﬁfrz‘;;éﬂb’— 7 PP I BREFRARR o AR 7 E TR E PR
i J13 EP-37E F 3 (Thorson & Wells, 2016) » 15 &i@ * 7% APPpF > ¥
e PRFEFTY - I EE 0 g2 BATR B2 F = B 0 (Topsakal, 2018) 5 2t #
TR R A R Y F AR A AE Y 20 BGRAT R
7 - (Swart, Peters & Broersma, 2018) ; @ %8 + /| 24 B iy > Pl E_i "F
AT Eeh o AEK & Sy S 1IN ”Lr;i 4 ¢ * F)3 (Chyi & Tenenboim,
2017) ° Tt > EZ WA 2 H =37 H APP K32 “"”z #*‘%‘i\gw | g # ;F‘k L
mORARAR L B 0 MRS R AT APP m,é LB
(=) $37H APP it * —‘F‘TLL*&, I Thgdoons | TEERL
ERTR TR
BARE LY R E N TR en i AL B A F AR -
T r«fiﬁf,%ﬁ' FoF R A TREER-E X f‘TVTE A g T 'ﬁ v B R TR
= St F‘ % &% %% (Phan, Montz, Curtls & Rlckenbach 2018) o F]pt >
BT HT LY ATR APP oo fidhil son i o “wfﬁzgﬁxg £ 85
Mo A ETFE TR AEATE TN TG L E
TARE/ERATRL
=) i’*ﬁéﬁi‘ﬁﬂi‘—‘ﬁifé‘ﬁ
1. a“w’;f}ﬁ].ﬁ %"’?@ APP i * {7 % e :@'t:}filv\’f‘r

it

/4

1A g it e e 44}%.« {—?ﬁ% APP mré PR NI FE M TFERY FOT
F(Hwang, Chan-Olmsted, Nam & Chang, 2016) ; 3 I {84 37 APP i€ *
AR ‘IJ;’] e 3 R * {7 5 &8 7 £ (Kormelink & Meijer, 2019) -
BE KRG SR Jﬁ)ﬁ‘? e SRR o p N ERRE R fcdy o
4o A s T 47 4 EIE —:t(Kunert&Thurman, 2019) » iz e = enficdy Bt
FAER PRARFR AL F ERESP LR F NS F LS
(Maltseva & Lutz, 2018) - 'ﬂtL VERISFFI VO A BT EL A
AATiEE R gy MERBFE L X EE AN SR AR AL D
B EIEAFTE R

2B EHE APP 2. [ A BB | 2k

o A8 ALETH A é ﬂff’%‘r@ APP ¢ * —‘%T FR2 27 F R B
g S FERT R 7 R AP FE(Fortunati, Taipale & Farinosi, 2015) - — 4@ =
» ATE APP ehig AR M HONATR TG R hikif (Kaye &

82



Johnson, 2018) » ¥ ¥ FER, & * $ 5 chpF ¥ 4 37F APP /E%%f = 21 (Nelson
& Lei, 2018) » ¥ R A ZTHE LM crdF 2 8 F 3 W AITH ééﬁﬁ%%&ﬂ APP
R EHERY 75 F TR F R 4 7 340 (Kormelink & Meijer,
2019) » Nelson Q018):8:85 53 2 $14 JRALL L o 4 D04y, 46
SURE 2= 2L 10 N R o o F . Nl < 3 or) I W P
EREFFT IO ELIE APP 2 T A R @%J ek e TIE AR
WAL ATE APP 0 T A B l4E | sxk i A A  EFE R
[ N s i A
3R T FE APP PR SRR R
EE BT RSO L LSE R FREALR AL LA

SF?'T%A) %W'ﬁﬂiﬁlvsﬁﬁh’ = “KA}%'** 1_.%@35’@ EEE'? ﬂ"‘ %
FafiaiaR 2 ) 3R IURYF (Chyl & Tenenbmm, 2017) > A BFF T
< dp U SRRV TR i%é FrER L ERER 3;‘)5“"/‘ i ATH
APP e & &2 &, Ff(Van der Goot Rozendaal, Opree, Ketelaar& Smit, 2018) »
FI L oo IR A %E&ﬁ—%@%&p#)%f 1 AEE AP AT T AR S R IR R
i@q de g # i"ELF, R 4 g B (Krouwer, Poels & Paulussen, 2019) o & 2% i3 47
FRpe @ G ERTRE APP 0 2R AER > N RPTRY AR
é%@%a%’m%?mmim%@nﬁo

83



342
LRI LA
NFER e g (2019)° X F1087F 92 » v Ltk dR 4 -2019#11% 2p B~ p
- https://www.ris.gov.tw/346
PABE A SRR TIY S (2018)° 1078 & A RE4FEL 20194107 31
B~p ! https://www.twnic.net.tw/doc/twrp/201812¢.pdf
B ~ 352 0 ~ E4UE~ XA (2010) BIFFAFTIE 4 1S o
RpsFEL R ¢ (2018)°107& 35 8% R8¢ - 20194117 2p B~
; .
https://ws.ndc.gov.tw/Download.ashx?7u=LzAwMS9hZG1pbmlzdHJhdG9y
LzEWL2NrZmlsZS9kNjZiNTk3ANSThMDNmLTQxZTktOGFjMi00Y TQxZ
71c1YF10ZD YucGRm&Nn=MTA35bm05SomLS5qmfSpeP5pW45L2N5qmf5py
D6Kq%2F5p%2BI15aCx5ZGKLnBkZg%3D%3D&icon=.pdf
FE A
Al Dahdah, M. (2017). Health at her fingertips: development, gender and
empowering mobile technologies. Gender, Technology and Development,
21(1-2), 135-151. doi: 10.1080/09718524.2017.1385701
Allcott, H., & Gentzkow, M. (2017). Social media and fake news in the 2016
election. Journal of Economic Perspectives, 31(2), 211-36. doi:
10.3386/w23089
Bawden, D., & Robinson, L. (2009). The dark side of information: overload,
anxiety and other paradoxes and pathologies. Journal of information science,
35(2), 180-191. doi: 10.1177/0165551508095781
Bertel, T. F. (2013). “It’s like I trust it so much that I don’t really check where it
is I'm going before I leave”: Informational uses of smartphones among
Danish youth. Mobile Media & Communication, 1(3), 299-313. doi:
10.1177/2050157913495386
Birz, G. (2017). Stale economic news, media and the stock market. Journal of
Economic Psychology, 61, 87-102. doi: 10.1016/j.joep.2017.03.002
Bock, M. A. (2016). Showing versus telling: Comparing online video from
newspaper and television websites. Journalism, 17(4), 493-510. doi:
10.1177/1464884914568076
Boczkowski, P. J. (2005). Digitizing the news: Innovation in online newspapers.
mit Press.
Brace, N., Kemp, R., & Snelgar, R. (2009). SPSS for psychologists (4th ed.). New
York, NY: Routledge.

84



Brenner, J. (2012, February 5) Pew Internet: Mobile. Pew Internet & American
Life Project, Retrieved September 27, 2017, from
http://pewinternet.org/Commentary/2012/February/Pew-Internet-
Mobile.aspx

Broussard, M. (2015). Preserving news apps present huge challenges. Newspaper
Research Journal, 36(3),299-313. doi: 10.1177/0739532915600742

Brown, S. (2012). Mobile apps: Which ones really matter to the information
professional?. Business Information Review, 29(4), 231-237. doi:
10.1177/0266382112465501

Burgers, C., Eden, A., de Jong, R., & Buningh, S. (2016). Rousing reviews and
instigative images: The impact of online reviews and visual design
characteristics on app downloads. Mobile Media & Communication, 4(3)
327-346. doi: 10.1177/2050157916639348

Cao, H., & Lin, M. (2017). Mining smartphone data for app usage prediction and
recommendations: A survey. Pervasive and Mobile Computing, 37(1), 1-22.
doi: 10.1016/j.pmcj.2017.01.007

Chan, M. (2015). Examining the influences of news use patterns, motivations, and
age cohort on mobile news use: The case of Hong Kong. Mobile Media &
Communication, 3(2), 179-195. doi: 10.1177/2050157914550663

Cheng, M., & Zhao, X. (2017, October). Media evolution from the perspective of
scientific and technological development. In New Media and Chinese Society
(pp. 3-9). Springer, Singapore. doi: 10.1007/978-981-10-6710-5 1

Chouliaraki, L. (2013). Re-mediation, inter-mediation, trans-mediation: The
cosmopolitan trajectories of convergent journalism. Journalism Studies,
14(2),267-283. doi: 10.1080/1461670X.2012.718559

Chyi, H. 1., & Tenenboim, O. (2017). Reality check: Multiplatform newspaper
readership in the United States, 2007-2015. Journalism Practice, 11(7), 798-
819. doi: 10.1080/17512786.2016.1208056

Connaway, L. S., Julien, H., Seadle, M., & Kasprak, A. (2017). Digital literacy in
the era of fake news: Key roles for information professionals. Proceedings
of the Association for Information Science and Technology, 54(1), 554-555.
doi: 10.1002/pra2.2017.14505401070

Constantinides, M. (2015, April). Apps with habits: Adaptive interfaces for news
apps. In Proceedings of the 33rd Annual ACM Conference Extended
Abstracts on Human Factors in Computing Systems (pp. 191-194). ACM.
doi: 10.1145/2702613.2702622

85



Constantinides, M., Dowell, J., Johnson, D., & Malacria, S. (2015, August).
Exploring mobile news reading interactions for news app personalisation. In
Proceedings of the 17th International Conference on Human-Computer
Interaction with Mobile Devices and Services (pp. 457-462). ACM. doi:
10.1145/2785830.2785860

De Reuver, M., Nikou, S., & Bouwman, H. (2016). Domestication of smartphones
and mobile applications: A quantitative mixed-method study. Mobile Media
& Communication, 4(3), 347-370. doi: 10.1177/2050157916649989

Edgerly, S., Vraga, E. K., Bode, L., Thorson, K., & Thorson, E. (2018). New
media, new relationship to participation? A closer look at youth news
repertoires and political participation. Journalism & Mass Communication
Quarterly, 95(1), 192-212. doi: 10.1177/1077699017706928

Emmanouilidis, C., Koutsiamanis, R., & Tasidou, A. (2013). Mobile guides:
Taxonomy of architectures, context awareness, technologies and
applications. Journal of Network and Computer Applications, 36(1), 103-
125. doi: 10.1016/j.jnca.2012.04.007

Fan, L., & Suh, Y. H. (2014). Why do users switch to a disruptive technology?
An empirical study based on expectation-disconfirmation theory.
Information & Management, 51(2), 240-248. doi: 10.1016/).im.2013.12.004

Feldman, L., Hart, P. S., & Milosevic, T. (2017). Polarizing news?
Representations of threat and efficacy in leading US newspapers’ coverage
of climate change. Public Understanding of Science, 26(4), 481-497. doi:
10.1177/0963662515595348

Fife, E., & Orjuela, J. (2012, July 23). The privacy calculus: Mobile apps and user
perceptions of privacy and security. International Journal of Engineering
Business Management, 4, 1-10. Retrieved December 20, 2017, from
https://hrcak.srce.hr/file/236724

Fletcher, R., & Nielsen, R. K. (2017). Are news audiences increasingly
fragmented? A cross-national comparative analysis of cross-platform news
audience fragmentation and duplication. Journal of Communication, 67(4),
476-498. doi: 10.1111/jcom.12315

Fortunati, L., Taipale, S., & Farinosi, M. (2015). Print and online newspapers as
material artefacts. Journalism, 16(6), 830-846. doi:
10.1177/1464884914545439

Fu, L. C., & Yueh, H. P. (2015, July). Baby boomers' behaviors and attitudes of
newspaper reading: A comparison among three layouts. In Advanced

86



Learning Technologies (ICALT), 2015 IEEE 15th International Conference
on (pp. 120-121). IEEE. doi: 10.1109/ICALT.2015.130

Gerpott, T. J., & Wanke, H. (2004). Interactivity potentials and usage of German
press-title web sites: An empirical investigation. Journal of Media
Economics, 17(4), 241-260. doi: 10.1207/s15327736me1704 1

Ghiselli, E. E., Campbell, J. P., & Zedeck, S. (1981). Measurement theory for the
behavioral sciences. San Francisco: Freeman.

Gillmor, D. (2006). We the media: Grassroots journalism by the people, for the
people. " O'Reilly Media, Inc.".

He, Z., & Zhu, J. H. (2002). The ecology of online newspapers: The case of China.
Media, Culture & Society, 24(1), 121-137. doi:
10.1177/016344370202400108

Hernandez, G. M. (2010). Mobile apps: a revenue playground for developers &
advertising. Caribbean Business, 38(38), 42-43.

Hopkins, D. J., Kim, E., & Kim, S. (2017). Does newspaper coverage influence
or reflect public perceptions of the economy?. Research & Politics, 4(4), 1-
7. doi: 10.1177/2053168017737

Huang, C., Zhang, A., & Wang, D. (2017, March). Report on the micro-
communication capacity of Chinese newspapers. In Development Report on
China’s New Media. Springer Singapore, (pp. 111-128). doi: 10.1007/978-
981-10-3683-5 7

Hwang, K. H., Chan-Olmsted, S. M., Nam, S. H., & Chang, B. H. (2016). Factors
affecting mobile application usage: exploring the roles of gender, age, and
application types from behaviour log data. International Journal of Mobile
Communications, 14(3), 256-272. doi: 10.1504/1JIMC.2016.076285

Kalogeropoulos, A. (2018). Online news video consumption: A comparison of six
countries. Digital Journalism, 6(5), 651-665. doi:
10.1080/21670811.2017.1320197

Kalogeropoulos, A., & Nielsen, R. K. (2017, June 13). Investing in online video
news: a cross-national analysis of news organizations’ enterprising approach
to digital media. Journalism Studies, 1-18. Retrieved December 20, 2017,
from
https://www.tandfonline.com/doi/abs/10.1080/1461670X.2017.1331709

Kaye, B. K., & Johnson, T. J. (2018, May 20). An APPetite for APPs: A
comparison of heavily reliant and light reliant app users on political activity
and media reliance. Social Science Computer Review, 1-15. Retrieved June

&7



10, 2018, from
http://journals.sagepub.com/doi/abs/10.1177/0894439318774856

Kim, M. J. (2013). A framework for context immersion in mobile augmented
reality.  Automation  in  construction, 33(1), 79-85. dot:
10.1016/j.autcon.2012.10.020

Kim, E., Lin, J. S., & Sung, Y. (2013). To app or not to app: Engaging consumers
via branded mobile apps. Journal of Interactive Advertising, 13(1), 53-65.
doi: 10.1080/15252019.2013.782780

Kim, D., & Lee, J. (2018). Designing an algorithm-driven text generation system
for personalized and interactive news reading. International Journal of
Human—Computer Interaction, 5(7), 1-14. doi:
10.1080/10447318.2018.1437864

Ko, P., Mohapatra, A., Bailey, 1. L., Sheedy, J., & Rempel, D. M. (2014). Effect
of font size and glare on computer tasks in young and older adults. Optometry
and Vision Science, 91(6), 682-689. doi: 10.1097/0OPX.0000000000000274.

Konieczna, M., Hatcher, J. A., & Moore, J. E. (2018). Citizen-centered journalism
and contested boundaries: Innovations and limitations at three news
organizations. Journalism Practice, 12(1), 4-18. doi:
10.1080/17512786.2016.1269292

Kormelink, T. G., & Meijer, I. C. (2014). Tailor-made news: Meeting the
demands of news users on mobile and social media. Journalism Studies,
15(5), 632-641. doi: 10.1080/1461670X.2014.894367

Kormelink, T. G., & Meijer, 1. C. (2018). What clicks actually mean: Exploring
digital news user practices. Journalism, 19(5), 668-683. doi:
10.1177/1464884916688290

Kormelink, T. G., & Meijer, 1. C. (2019). Material and sensory dimensions of
everyday news use. Media, Culture & Society, 41(5), 637-653. doi:
10.1177/0163443718810910

Krebs, I., & Lischka, J. A. (2017, January 28). Is audience engagement worth the
buzz? The value of audience engagement, comment reading, and content for
online news brands. Journalism, 1-19. Retrieved June 10, 2018, from
http://journals.sagepub.com/doi/abs/10.1177/1464884916689277

Krouwer, S., Poels, K., & Paulussen, S. (2019). Exploring readers’ evaluations of
native advertisements in a mobile news app. Journal of Media Business
Studies, 16(2), 77-94. doi: 10.1080/16522354.2019.1573396

Kiing, L. (2005). Digitizing the news: innovation in online newspapers. Journal

88



of Media Business Studies, 2(1), 73-74. doi:
10.1080/16522354.2005.11073429

Kunert, J., & Thurman, N. (2019). The form of content personalisation at
mainstream, transatlantic news outlets: 2010-2016. Journalism Practice,
13(7), 759-780. doi: 10.1080/17512786.2019.1567271

Larsson, A. O. (2011). Interactive to me—interactive to you? A study of use and
appreciation of interactivity on Swedish newspaper websites. New Media &
Society, 13(7), 1180-1197. doi: 10.1177/1461444811401254

Larsson, A. O. (2012). Interactivity on Swedish newspaper websites: What kind,
how much and why?. Convergence, 18(2), 195-213. doi:
10.1177/1354856511430184

Lee, E. J., & Tandoc, E. C. (2017). When news meets the audience: How audience
feedback online affects news production and consumption. Human
Communication Research, 43(4), 436-449. doi: 10.1111/hcre.12123

Lee, H., & Yang, J. (2014). Political knowledge gaps among news consumers with
different news media repertoires across multiple platforms. International
Journal of Communication, 8(1), 597-617. doi: 1932-8036/20140005

Lee, Y., & Kim, H. Y. (2018, March 29). Consumer need for mobile app
atmospherics and its relationships to shopper responses. Journal of Retailing
and Consumer Services, 1-6. Retrieved June 10, 2018, from
https://www.sciencedirect.com/science/article/pii/S0969698917303405

Lenhart, A. (2015). A majority of American teens report access to a computer,
game console, smartphone and a tablet. Pew Research Center. Retrieved
from http://www.pewinternet.org/2015/04/09/a-majority-of-american-
teens-report-access-to-a-computer-game-consolesmartphone-and-a-tablet/

Leong, L. (2017). Mobile myanmar: The development of a mobile app culture in
Yangon. Mobile Media & Communication, 5(2), 139-160. doi:
10.1177/2050157917689950

Lin, L. C. S. (2018). Mobile apps and news: a Taiwanese case of curation. The
Journal  of International ~ Communication, 24(1), 76-95. doi:
10.1080/13216597.2017.1419983

Linnhoff, S., & Smith, K. T. (2017). An examination of mobile app usage and the
user’s life satisfaction. Journal of Strategic Marketing, 25(7), 581-617. doi:
10.1080/0965254X.2016.1195857

Littau, J. (2016). Participatory news websites feature more opinion pieces.
Newspaper Research Journal, 37(1), 70-81. doi:

89



10.1177/0739532916634645

Lo, W. H., & Cheng, B. K. L. (2017). The use of melodramatic animation in news,
presence and news credibility: A path model. Journalism Studies, 18(6), 787-
805. doi: 10.1080/1461670X.2015.1087814

Maksl, A., Ashley, S., & Craft, S. (2015). Measuring news media literacy. Journal
of Media Literacy Education, 6(3), 29-45.

Mallat, N., Rossi, M., Tuunainen, V. K., & O6mi, A. (2009). The impact of use
context on mobile services acceptance: The case of mobile ticketing.
Information & management, 46(3), 190-195. doi:10.1016/j.im.2008.11.008

Maltseva, K., & Lutz, C. (2018). A quantum of self: A study of self-quantification
and self-disclosure. Computers in Human Behavior, 81(1), 102-114. doi:
10.1016/5.chb.2017.12.006

McCollough, K., Crowell, J. K., & Napoli, P. M. (2017). Portrait of the online
local news audience. Digital Journalism, 5(1), 100-118. doi:
10.1080/21670811.2016.1152160

Mehrtens, N., Rosenboom, I., Chen, T., & Raeside, R. (2018). Deriving revenue
from in game adverts in on-line mobile games. Entertainment Computing,
27(1), 101-109. doi: 10.1016/j.entcom.2018.04.005

Messing, S., & Westwood, S. J. (2014). Selective exposure in the age of social
media: Endorsements trump partisan source affiliation when selecting news
online. Communication  Research, 41(8), 1042-1063.  doi:
10.1177/0093650212466406

Mierzejewska, B. 1., Yim, D., Napoli, P. M., Lucas Jr, H. C., & Al-Hasan, A.
(2017). Evaluating strategic approaches to competitive displacement: The
case of the US newspaper industry. Journal of Media Economics, 30(1), 19-
30. doi: 10.1080/08997764.2017.1281817

Mitchelstein, M. E., Boczkowski, P. J., & Wagner, M. C. (2017). The boomerang
effect: innovation in the blogs of mainstream news sites, 2008-2012. Media,
Culture & Society, 39(8), 1231-1244. doi: 10.1177/0163443717690819

Molyneux, L. (2018). Mobile news consumption: A habit of snacking. Digital
Journalism, 6(5), 634-650. doi: 10.1080/21670811.2017.1334567

Murphy, C., Noone, S., Duffy, C., Broderick, C., Matthews, T., & Wilby, R. L.
(2017). Irish droughts in newspaper archives: rediscovering forgotten
hazards?. Weather, 72(6), 151-155. doi: 10.1002/wea.2904

Nelson, J. L. (2018). And deliver us to segmentation: The growing appeal of the
niche news audience. Journalism Practice, 12(2), 204-219. doi:

90



10.1080/17512786.2017.1378588

Nelson, J. L., & Lei, R. F. (2018). The effect of digital platforms on news audience
behavior. Digital Journalism, 6(5), 619-633. doi:
10.1080/21670811.2017.1394202

Newman, N., Fletcher, R., Kalogeropoulos, A., Levy, D. A., & Nielsen, R. K.
(2017). Reuters Institute Digital News Report 2017, viewed 21 December
2017 at https://papers.ssrn.com/sol3/papers.cfm?abstract 1d=3026082

Noone, S., Broderick, C., Duffy, C., Matthews, T., Wilby, R. L., & Murphy, C.
(2017). A 250-year drought catalogue for the island of Ireland (1765-2015).
International  Journal of Climatology, 37(S1), 239-254. doi:
10.1002/wea.2904

Ndinojuo, B. C. E., Ihejirika, W., & Okon, G. (2020). Reporting military
casualties in Nigerian newspapers: An analysis of operations against Boko
Haram insurgents. Jurnal Studi Komunikasi, 4(1), 1-20. doi:
10.25139/jsk.v4i1.2128

Oie, K. V. (2012). Sensing the news: User experiences when reading locative
news. Future Internet, 4(1), 161-178. doi:10.3390/f14010161

Ohlsson, J., Lindell, J., & Arkhede, S. (2017). A matter of cultural distinction:
News consumption in the online media landscape. European Journal of
Communication, 32(2), 116-130. doi: 10.1177/0267323116680131

Park, Y. J., & Jang, S. M. (2015). African American Internet Use for Information
Search and Privacy Protection Tasks. Social Science Computer Review,
34(5) 618-630. doi: 10.1177/0894439315597429

Peter, A., Chen, M., & Carrasco, S. (2016). Power interplay and newspaper
digitization: Lessons from the Pengpai experiment. Global Media and
China, 1(4), 497-510. doi: 10.1177/2059436416687313

Phan, M. D., Montz, B. E., Curtis, S., & Rickenbach, T. M. (2018, May 29).
Weather on the go: An assessment of smartphone mobile weather
applications use among college students. Bulletin of the American
Meteorological Society, 1-41. Retrieved June 10, 2018, from
https://journals.ametsoc.org/doi/abs/10.1175/BAMS-D-18-0020.1

Picard, R. G. (2010). Value creation and the future of news organizations: Why
and how journalism must change to remain relevant in the twenty-first
century. Media XXI.

Reuter, C., & Spielhofer, T. (2017). Towards social resilience: A quantitative and
qualitative survey on citizens' perception of social media in emergencies in

91



Europe. Technological Forecasting and Social Change, 121(1), 168-180.
doi: 10.1016/j.techfore.2016.07.038

Roby, N. A., Gonzales, P., Quesnel, K. J., & Ajami, N. K. (2018). A novel search
algorithm for quantifying news media coverage as a measure of
environmental issue salience. Environmental Modelling & Software, 101(1),
249-255. doi: 10.1016/j.envsoft.2017.12.012

Salvi, A., Upanekar, A., & Kazi, A. (2016). A comparative analysis of times of
India android application with real-time news broadcast system application.
International Research Journal of Engineering and Technology, 3(2), 863-
865.

Schiff, F. (2003, June 2) Business models of news web sites: A survey of
empirical trends and expert opinion. First Monday 8(6). Retrieved June 10,
2018, from https://doi.org/10.5210/fm.v816.1061

Singh, J., & Anand, A. (2017, March). Designing search tasks for archive search.
In Proceedings of the 2017 Conference on Conference Human Information
Interaction and  Retrieval (pp. 361-364). ACM. doi:
10.1145/3020165.3022153

Stephens, M., Yoo, J., Mourao, R. R., Vu, H. T., Baresch, B., & Johnson, T. J.
(2014). How app are people to use smartphones, search engines, and social
media for news?: examining information acquisition tools and their influence
on political knowledge and voting. Journal of Information Technology &
Politics, 11(4),383-396. doi: 10.1080/19331681.2014.951137

Sheidin, J., Lanir, J., Kuflik, T., & Bak, P. (2017, March). Visualizing Spatial-
Temporal Evaluation of News Stories. In Proceedings of the 22nd

International Conference on Intelligent User Interfaces Companion (pp. 65-
68). ACM. doi: 10.1145/3030024.3040984

Suppasert, P., Pungprasert, R., Putkhaw, K., & Tuarob, S. (2017, May).
Newsaday: A personalized thai news recommendation system. In Student
Project Conference (ICT-ISPC), 2017 6th ICT International (pp. 1-4). IEEE.
doi: 10.1109/ICT-ISPC.2017.8075321

Swart, J., Peters, C., & Broersma, M. (2017). Navigating cross-media news use:

Media repertoires and the value of news in everyday life. Journalism Studies,
18(11), 1343-1362. doi: 10.1080/1461670X.2015.1129285

Swart, J., Peters, C., & Broersma, M. (2018, May 3). Shedding light on the dark
social: The connective role of news and journalism in social media
communities. New Media & Society, 1-17. Retrieved June 10, 2018, from

92



http://journals.sagepub.com/doi/abs/10.1177/1461444818772063

Tamul, D. J., & Martinez-Carrillo, N. I. (2018). Ample sample? An examination
of the representativeness of themes between sampling durations generated
from keyword searches for 12 months of immigration news from LexisNexis
and newspaper websites. Journalism & Mass Communication Quarterly,
95(1), 96-121. doi: 10.1177/1077699016681466

Tenenboim, O., & Cohen, A. A. (2015). What prompts users to click and
comment: A longitudinal study of online news. Journalism, 16(2), 198-217.
doi: 10.1177/1464884913513996

Tetreault, G. (2017). U.S. Patent No. 9,667,731. Washington, DC: U.S. Patent and
Trademark Office.

Thorson, E., Shoenberger, H., Karaliova, T., Kim, E., & Fidler, R. (2015). News
use of mobile media: A contingency model. Mobile Media &
Communication, 3(2), 160-178. doi: 10.1177/2050157914557692

Thorson, K., & Wells, C. (2016). Curated flows: A framework for mapping media
exposure in the digital age. Communication Theory, 26(3), 309-328.
doi:10.1111/comt.12087

Topsakal, T. (2018). News reading habits of social media users: comments, shares
and likes. Humanities Sciences, 13(1), 17-23. doi:
10.12739/NWSA.2018.13.1.4C0223

Trilling, D., Tolochko, P., & Burscher, B. (2017). From newsworthiness to
shareworthiness: How to predict news sharing based on article
characteristics. Journalism & Mass Communication Quarterly, 94(1), 38-60.
doi: 10.1177/1077699016654682

Usher, N. (2014). Making News at The New York Times. University of Michigan
Press.

Van der Goot, M. J., Rozendaal, E., Opree, S. J., Ketelaar, P. E., & Smit, E. G.
(2018). Media generations and their advertising attitudes and avoidance: a
six-country comparison. International Journal of Advertising, 37(2), 289-
308. doi: 10.1080/02650487.2016.1240469

Van der Wurff, R. (2005). Print and online newspapers in Europe: A comparative
analysis in 16 countries. Spinhuis.

Walther, J. B., & Jang, J. W. (2012). Communication processes in participatory
websites. Journal of Computer-Mediated Communication, 18(1), 2-15. doi:
10.1111/5.1083-6101.2012.01592 x

Wang, H., Sparks, C., & Huang, Y. (2017, February 13). Popular journalism in

93



China: A study of China Youth Daily. Journalism, 1-17. Retrieved June 10,
2018, from
http://journals.sagepub.com/doi/abs/10.1177/1464884917691987

Wang, W. C. (2017). Understanding user experience of news applications by
Taxonomy of Experience (ToE). Behaviour & Information Technology,
36(11), 1137-1147. doi: 10.1080/0144929X.2017.1359337

Weiss, A. S. (2018). Location-based news in mobile news apps: Broadcast leads
in geolocated news content, newspapers lag behind. Newspaper Research
Journal, 39(1), 42-54. doi: 10.1177/0739532918765469

Westlund, O. (2013). Mobile news: A review and model of journalism in an age
of mobile media. Digital journalism, 1(1), 6-26. doi:
10.1080/21670811.2012.740273

Wheatley, D., & O’Sullivan, J. (2017). Pressure to publish or saving for print? A
temporal comparison of source material on three newspaper websites.
Digital Journalism, 5(8), 965-985. doi: 10.1080/21670811.2017.1345644

Wu, C. S., Cheng, F. F., & Yen, D. C. (2008). The atmospheric factors of online
storefront environment design: An empirical experiment in Taiwan.
Information & Management, 45(7), 493-498. doi: 10.1016/1.im.2008.07.004

Wu, T, Lu, Y., Gong, X., & Gupta, S. (2017). A study of active usage of mobile
instant messaging application: An attachment theory perspective.
Information Development, 33(2),153-168. doi: 10.1177/0266666916646814

Yang, H. C. (2013). Bon Appétit for apps: young American consumers'
acceptance of mobile applications. Journal of Computer Information
Systems, 53(3), 85-96. doi: 10.1080/08874417.2013.11645635

Yao, Q. Q., Perlmutter, D. D., & Liu, J. Z. (2017). What are shaping the ethical
bottom line?: Identifying factors influencing young readers’ acceptance of
digital news photo alteration. Telematics and Informatics, 34(1), 124-132.
doi: 10.1177/1461444817739622

Yu, N., & Kong, J. (2016). User experience with web browsing on small screens:
Experimental investigations of mobile-page interface design and homepage
design for news websites. Information Sciences, 330(1), 427-443. doi:
10.1016/5.ins.2015.06.004

94



'ﬁ'ﬁ': *ﬁ—%;‘% ﬁ [

"R EHITEAPPFAF 2T R E

FbH S
?{,%%§Mmpmﬁé’ﬁé%@ﬁg@“ﬁﬁﬁﬁ*ﬁﬁ%%&
CAREFLEBERIN LB T FHITHE APP FRAR G R2 ]
it AF R DRELRE LS

ARERF ERE I”Lriﬁ'ﬁm;—} EAFTT 2 B3 FE*
SR - RURAE NS < U A ,\I}g Echg r moh kERERG B
&ty it o P

FEAL TG B304 & P ARRATR
qx Ay el

# B APP Fas il g &

AR Qmﬁ?ﬂ*%%@AW?%ﬁﬁ%ﬁé@ogﬁbﬁﬁﬁg
o= ,]:?%, .

2 72 4 3z st
¥R ou R ¥
3 OB -
S
&
- ~¥zHa
01 35 37H APP> 3 & 3 #7F A 840& # it - 0O 0O 0 0O
02 A5 ATH APP> 7 & 5 ATE M&EF HF # 5 o 0D o o0 o4
03 A:ui 3T APP - & 4 3T H RILFH i o 0o o oo
04 A5 XTH APP> 7 & 5 A7H p #HIF & a0 o 0o o oo
= ‘lzﬂ%ﬁﬁ‘b
05 AEATH APP> F &3 B2 3T o DO 0o 00
06 A3z ATH APP> 7 &5 2 +W T+ - 0D 0 0 00
07 AniATH APP> F &5 2 +B3 H T OO0 o0 00
08 i ATH APP» 3 &5 *+W¥+EF 4+ - 0o o o o o
09 AEATH APP> F &3 HW S HTH i - 0D 0o od
10 AREATHE APP> F &5 WP+RFHTA o o 0O 0O 0 0O
11 23237 APP> &5 BEF AT - DO 0o 00
12 ARG ATH APP > § & 5 4R ¥R F s i o OO 00

95



o 0o 0o o od

o o o o 0o

T35 oo

4=

® APP- Z &

o o o o d
o 0o 0o o od
o O 0O o d
o 0o 0o o od
o 0o 0o o od
o O 0O o d
o O 0O o d
o O 0O o d
o o 0o o d
o o 0o o d
o 0o O o d
o 0o 0O o d
o o 0o o d
o 0o O o d

EEF R o

F S

3
B APP 7 & FAHE K8

=
-
—_
i

TR AL o
¥

=
B

FAEA )

TELF G o

)

2

£ § TR
2

37 APP > 3 B F AT O AL o

E
® OAPP 3 &4 & i o

B APP > 3 & 4 Ja3fid frat it o

&

e

m
® APP 3 & 3 Aim ¥ il Wendn AT

BAPP  Z21 %8¢ URESI -

)_’r
)_’r

>
7~
>
7~

Y
I
Y
RO =

=7

EAR
]:j.r g‘; o
2\

23

N0
Lo

o]
2
oS

e

96




Abstract

The purpose of this study was to investigate users’ function needs of news
APP provided by news media. The participants in this study setting as Taiwanese
citizens who had ex-perience of surfing the Internet. The study based on literature
review and researcher’s practice observation. The online questionnaires issued
between January 1 to February 20, 2019. Researcher used SPSS 23 to analyze.

The study found that users are at medium and high levels of requirements
for information functions and contents. In order to narrow the gap, the study
suggests that news APP provided by news media to enhance the provision of
information functions.

Keywords: news application, function, user’s needs
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we have lost in information? )
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Knowledge Officer, CKO) | h 7PF » %2 & (B4 & 3235 (Fortune) ) ik -
R LIFEFT A% feng F1&E (Thomas Stewart ) & F 4L ~ T~ Fogk 2
FESMANT AR T (dok-)

% - :DIKW epe s &

T (D) | R REAHES | TR {ﬁz—? 23 B
25 B o s BEEE > v kpNED

YR ERRAREEE

TR R Bh 4 T OUE

() | ekaER AR ?%ﬂﬁﬁwbdﬁﬁﬂﬁh:
o X EAREH e | NEgioksE c BHH Y o
.&é&’”“";'p AT O

(&2 h) FFLE "R

Av\“}’ﬁ'mld Oyf/’ﬁ,ll‘_?"g

who ~ when ~ where ~ what 2_

s (K

ke 2 2ok
B 1t e AR 4 ot
e B

i\, IFB

o

L3 Lnp f 2o

FE (W) |8 f g

FEFRATHTH - T
oenB R Y > T uw
why SR 4E o T T it A
N s R

L S1 A
B A BRI T
AR LR EFREFAR

o

TAL kR L B R EEGE (1998) ~ Fla iy (2000) - Jashapara
(2005) ~ Rowley (2007) -~ idealclover (2019 # 12 * 28 p )
b AT A TR R A B & R R R

B EE RI RS
B4 5% EF%"—?}@%EE.H@*
» FlA @ B ATA R D

Jféffffﬁ;*ﬁ.»ﬂq%“uﬁib ”\?‘E\l‘iﬁ&%%:imﬁv ’ﬁ
FHEFRAFLEUFBLAL P n(H24) KR
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L2~ %hgbd 2 5 (e A2 %42 ~ £ 3R2E) (Jashapara, 2005)
» e gk &rfr’*%? SN UR'd (ThomasH Davenport) SR A S - MIbIS oF e

%’*m‘”‘b%ﬁJ MR (stock) J 22 Ui 42 (process ) | (Davenport & Prusak,
1998 ; 3 3¢ 28 > 1999) ; i &2 FAL « T A 4vt > Bl 4 & A Eor
FEEY > X I LG F 2AP T L RT AR S T g
% (do the right thing) (Choo, 2006 ; * /% » 2016 # 3 * 21 p )

et AR A A e e AT TR o R TFE
g T 34 ,Uﬁp;il | s - 35 0 ¥ J—ai'ﬁ“r"\‘ s | BB 76

PIEF AR 5 rﬂf | % sk &k aeh®E - (Davenport & Prusak, 1998 ; # 1z 3 3%

»1999) o
(Z) BAoddepRadh s p oy é}gg Tk

I{"’K—tl (Thomas Stewart) & (AFEF » : FTARF oL ENA) (R
FHEE > 1998) # 2 B aJZ DIKW eh < B RE @ & ager 3‘)"1‘\:.\.;" Mr:p "
R A R AN & R AMAE (M4 BHF R F ez 3~ B iy (8
LS ) HEALTE Y - AR E TN e Dy R {/Parf
e wE A > NEA SRR E mP\ £ ok (tacit knowledge ) o 2
2_ 4% % = ok BpaeEs (explicitknowledge ) » & £ #-*h Bgavaiph i 5 ORE SoEs
P B RERTE

B g AR 27 (15 ¥ 2000) F - B R B - RE A Rk
T EfR T4 +x«f%rﬁvhén%zjw—£éa‘ﬂ’ —'%H\féﬁ%<a% 2
PRAT I BHER ¥ AL G A AR - AR ROAT F SRR R kg 1

BEFAT 4% ¥ - ARG - £ 3B AT o AP A 5 XS e

S

ST ETFFF//J R Av A PEATIEAR A o H % - #ﬁ’éiié ¥ AT R
HE 5 ARl EBAdEifs sy kit %14 = AT
A EERAEEE N AN I E R E > B Ap M AT R e
PORE Tl g vk BE ARk o

W= B8 742 W & (Michael Polanyi ) 8- % 4 5 PR o o
By A miE‘ﬁ:—‘F’z v fe BT OP O R N I]’B—r\."lg gt A g g 5, (We can
know more than we can tell ) - 305 <> F A #F Fora A E vt o
Ekdi— & 'F: 7 RAed? Fenp B { v £ & (Polanyi, 1966) - p &
B l‘l% & 77 ¢ 48=r 4% (Ikujiro Nonaka) ¥ # p 3 % (Hirotaka Takeuchi) **
1995 & 15k (418 ok @ (The Knowledge-Creating Company ) ) #8~
BRLdqgz $omdid N phiEirs { 28R (Nonaka &
Takeuchi, 1995 ; ¥¥ # 48=x 28 » 2007 # 1 * 1 p ; OECD, 1996)

Bpdp i R B A T ARG T A R AR
i ¥ MAEF He & (belief) 22 L3 (perspective ) w338 KB L o p

9

|

-

129



x_‘;*_ﬁ,’r\_—»%"—'\:%/k e R @ e+ atag U ¥ i ; K f‘»gur#‘@eﬁ s TR A }iﬁ,%@ ‘e %%\;
S A i SRS T e ML S R PR
Vg a; & gk o 1 R IE '_fr”%ﬁ. mff’“lﬁ ( Spiral Knowledge ) |
¢ AL KIEM T'E ¥ (Tacitto Tacit) ~ &% ]%“ kg |+ (Tacitto Explicit) ~ j&_
k24 3 &g (Explicitto Explicit) ~ & &g+ 3]*2 1+ (Explicitto Tacit) = F& 7]
fi o F R e MRS A g (Nonaka & Takeuchi, 1995 ; 75 #
AR=T AR 52007 F 1% 1 p 5 %5 7w 2000 )

fop FEAviidp e = > 4p e e E_Awad & Ghaziri (2003'68-71) a1
4p A1 enfF & ;8 ok (episodic knowledge > * flddE o ;U aoak) o B OE AR A A7
WS s RAAT AR BRI T2 LB 7 k«r%?fliﬁ\ AT Ea
T AR o ARREF kK- AR - ET 2R
M e ok 7 F%°£ﬁéfr’%ar’g}§:ﬁ§=b% Bla 2 5 B

d p—:;r,]a\nsx:r—.x%f ,n‘&’g’q\wﬁ*lﬁm,,ﬁ ,}};(—\“"KZ&#\
B A sk W% FR A iﬂ@i’ifﬁ’ig"* T LE R 2 B e 3
PP BARREASTEE AN ¢ HAFENL T hA L L5 %o
Z B oxEnnER LT3 7 (public affairs officer, PAO)

B2 TR B AL GG R 2K FomEd 3 st (Thomas
Jefferson) 1799 4 5 M EFATE T @ TiRPaORA § LS
s R x,‘,ﬁjé:—t HE Y YA L ?’CFJ R _fe T Efﬁj\m&; BH-
ey F fe w0 (#31p %ﬁ‘c » 1994 1 184) 3 WiKZE R A4 1 HF
£ %;I.%réf@qgﬁﬂziﬁ% ; 1080 # ihaLdy o F 0 RS EIE SR ATHR AR R
e FRRAIFLEE LT, p 1904 EA2 0 FAFEAEINEET LN e RN
wH R D% - AR AR (P - 2006)

FEALCELERDIIRIE ¢ 3 = X305 10 IEE SR oA R B
% (3% =g4% > 2007 5 = #g42 > 2006 ; #F £ E > 2000 ; #* £ & > 2001 ; B
ﬁ’m%)«@ww%miﬁﬁﬁi%ﬁﬁﬁiﬁﬁagmﬁﬁ~%ﬁgm

RN = ﬁﬁ—w%ﬁ)’?‘fﬁﬁi E LA A U R s 53] A e A FE M g R
o mgfe ~ 3 T A (2015) F;}ﬁ i vbﬁ;‘f W BFEVAR L £ M AR o

WA AR TR TR A BRI BRI 5 L LT

RLZFIACLEIBRZAEIRARAFFBE =2 - »d 4§ 2 EE 5D
BEME A F o FAARF AR FFRAAT AV RE 23R ok
EARINM o X F 35X E54F T (public affairs officer) ~ X ¥ i1 §
(non-commissioned officer) ~ & % 4 § (specialist) ~ = ’F‘ A B (civilian)
Fw fARIR | (;‘El‘f“"?”"i’*iﬂ%‘.lﬁ 5~ ERECE 2001 ) 0)*]-.*1:‘1:"13:2‘
@?]:ﬁﬁ'g’é\-,—iziﬁgmﬁ;c?%p }_ iﬂfjﬁzgqu—i3~,§‘ﬁ'ﬁ§_5
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BREF T A LT CGEREDSFR R 20025 3 mEE S K E TR KA 02016
)

FORE XL TP AR AR INFL TR AT hicRiF S
Fer P R P B R 2 BRI BEATH B F L 0FY (
k£EF >2016) - MEP 2004 £ KA TS 4B L H Benpns (TR A
ERR2OEERE T EL ORECETRAE N TR ERSP
Jedptho - P 0 BICRREINE A TR LM L e VR RIE
GCRER TR AR AR B H O R deistiE B AR KM LR
2R frE R

\§ﬁ

FBHRILFHE T ORE

dRREFF R 0 B R R ARG TR IE 4§ B oh
LA A7 G AR ABLFEY CAFOLEREF LG R OB ML
B o “Pnfe‘{ir' RIS S ) A ;iﬁ»ﬁ*ﬁ’h”!#ﬁ,ﬁ‘ﬁ? 1 NHFA T A B 0 F oA P
“m#' MF e TARERILETRE ] LBl 7Y AR LT E
Tl AR ESHERORERBF AR E RS -
- S ERoRERE P A oma ivd

P2 2 g F AR SO ERE P OB F T R B AR E
EREIENF PP REEGR SR ERE Y T B v EL - &
— R4 4ok B 5 AT H i ehdpi 4 (technologist) o iEF 4e Keeton &
McCann (2005: 85-86) # Military Review % # 7 B £ & 2 £ F 743 < “7%
Do EERGAMAE BRI G A T H AR FERETRT ST
BT EFIRP ERELBEE L RO o R OBREG R b
hER o Fa B AL ERE T LA EREE (- )BT avEEa 4 (2
) BRFhE R chrinaciek c BRG (2) %f?i%ﬁﬂ’*ﬁﬁii °

¥ 5o - ﬁ"‘%@ii@quf‘—rml BEy o MES B F‘
B o Pogdg g & (spin) (PR F F s by 4] o oy f«m/%’i P2
TP HBEH R TP MR A LRI R MO A RT
EE =gk A ER VR I U W B o @ PR B -k %;‘b\ﬂ:fcf‘-j—"ﬁ £~ F 3 B
oﬁ"\‘@?]ggiﬁ MR LAY 5 7Ry BAR At 4 M%7 N HEF B

> 1990 4K, » spin doctor i FyPE 7 #i R FATRATSE » U HATHESES) Ly 2k THAEE A - iiTEE
BRI ~ EARIRT - SERRME - BEZEhl  EEITIELHEE - DUEIREUE A\ WIRESAE R Bl T
Hism (k7T > 2009 © 30- 31) Spin ZE{EFREFEIREK ~ FIRFIEERE EE) - GAEARTI R
A FE R S RBRES © BT A S (I ARSE T 925 | E a8 R E A R FRESGRL (Corner,
2007:218) -

¢ FEANSEEAY R FEZE  BUN SN B RS A R S T ARRE > Afer Ty b iE P ARSI - e R - TR
ISR o ZRECRBEBUN HE M TEZ — R e T SRS T il ki E % BRBUNTE R
FBUEZ3 (political jujitsu ) ;| ( Smith,1988: 553-554) -
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7 ¥ % F_(spindoctor) o Clare (2001:79) R|## spindoctors = 21 +

& £ 4 (twenty-first-century alchemists) T
BHEALEREY R AFRARELR 0 b arm g

&t (Rick Segal ) 2t f # 4 (BlllGates) S EETM (GuyKawasakl

) 2 *t 8 gt (Steve Jobs) o /F‘.f(ﬁ?i A 1996 & % 20,000 f 1 pF > ;]'*u’ﬁ = #

500 &2 b e X OB AR I 0 Rick Segal A 3% o B Ff 1138 17 7 xﬁé"*ﬂ-fﬁt
&

SofdamEE &2 Z v TR irn  LARThA S RS EE g
f# # @ F (ChiefEvangelist) iz 48 @ & x@&g,%ﬁﬁ ?,LETM A A
FL b zaagngitEon AR Y- BIFE Y A B aELR ] < gnrey
°

S ERAEERIET L ARE

A% B 28K 2 &g 3 7 (Edward L. Bernays, 1891 — 1995 > « 12
AT R R AR e g ) MY fk’fb'n RER AL € R D
BRI DKM GAER S R FE (2@ (propaganda) ) B #dp o d B
PAMEEESl St e EsE YR (FIY 1999 W
’“’2009)’rﬁp’hﬂ-r?' \Fﬁgi’#‘-FmEHﬁ)’} s ] — FOF A e

ERAER Gk

'Qﬁs‘i PE R LR 5% 4 & (Walter Lippmann, 1889—1974) &
FIUFTH A2 A (press agent) T HE TR \Fagé;' FEEAL R L &M ifﬁ
v - B ROV REZIRFAEET v F F)E,F\/\J ’f"ﬂkrﬁ’4&

o fr# ¥ 73 % (John Dewey, 1859—1952) # % | 2 i 2 4 § ¥ 5

Fﬂ‘ REHF A 3E 7R E ¥ - B %8 (phantom ) ¥ > i&E:Ls—p B X Ao

HARHEA v TEEERY R, TEe B ok R

LA R et AR R 0 2 M- R REF L

al

44
e

AFEREY B LR EPFIFERE Y 2 E L BRI AR e
CRR A s B AR X34 & B (stereotype) (§ FF > 2016 £ 6 7 6
pPoEFF2013&17 6p) ofﬁr“*‘f«ﬁ"“"«kém%m FA B

TE o B RO AR 0 T - AeEsa 'fjﬁwﬁ"‘liﬂ%?’%?“’ °
TR Bihng it g A b ThR L6 R gAER RS 1

TLEFUFNBA NZBALEL VP EFIFILTRETHES BFE
%+ o |4 Bruce (1992 : 127-129) W2 FHeawfh (- Hfrwé’—* i S

Ao e L ATE O F 7 K (—)f%"é%ﬁ&ﬁ e gl AP A
L~ fps (= )q/‘?\?/—‘ ’%ﬁ BXGMP N LRed g E4a

TR TANER > MR S EE R LA R OIE L AHERS - BRIERTE OB RAkE
(B (AR R RREDRITERONEE ) ~ MEERAZRE (RN#HE) EE - EEETFHAEE
28 MR ERIN B A ARE (GE22MPEE > 1999) -

' SRIENEE (478254 ) (The Phantom Public)
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g s (w) SMAERRAHEILA AR Afog IR X2y
P S E R TR

B2 2 (2009) 51% & % Friedenberg e #f » S g B 5 1 f F i3
975 % BR RS ( image consultant) ~ € X 3 ﬁiz:b‘; fRz e L R A AR R (polling
consultant) ~ A FFH LRGN F AN R B LavgE e ixh kR B (speech
and debate consultant) ~ & F FAIE B fhkE B ¥ ma o drfaz o F A B
AEF* (narrowcast media consultant) ~ 3F X 22 B 382 B* (newspaper and radio
consultant) ~ & #LAE K (television consultant) ~ 34 Z i F 5 dehE 2 (74
RER ~ BUE P RAME TR X o

EHm~FFRETIFIIFERTE EHXFRIF RS "Ho X
g 0 P g AP B ARF F W EiR R (Gettysburg Address 0 3 8300 F
PR 2-3448) "3t EERERE s B K - B - f
Wodfpa ¥ ATyl e g A mE L ivndd (2 g4 2001
263) o
3~ﬁw&#1ﬁ§?¢ﬁa

WERTVREF LTS 0 FRBREOME S LTI E R

fx‘j—kﬁ? ﬁ I‘}'%R% - AL ¥ o Steve Cohen # 41 » 2 X FR-F | 4 & JF A
FHARPa2 NEYHREMBDEH I A R d A% B BLE
S Y P R

SEERERG AP PE magEd - PER L LR

%#?fi’mﬂkpllfﬂ%gbﬁgmeﬁ\l‘t’—.»".ll
PRI T RIMIBERIFERT - B TRE F L ES
FEFLFHRRDLR o TRRIALE X O E Y
(R HF 2008-62)

T
T W
s
A "t)i‘

A 2003 E AR 2 150 FFPNINL SR ETikitgrinie o BT B
# (communicationwar) | (& FZEM -~ DX F 5 CIRIFR - FTRIFRE
)G B EIEE pEPLA D& o BATR DT REHE A P 3TIE L A
el @ (Payne, 2008:37) o =3 % W5 2 jF V5L 46 F (Fort Meade ) #7
B 3 5 & (Defense Information School, DINFOS ) B % e I &> X F i+ &
¥ L (Public Affairs Qualification Course, PAQC) | { Eip e 12 2% 2 &
N EARIFTY P BRE S ek T 2 ey BY

" PAQC #53| @Sy TEREK - T AMEBREAIR G K TENUES KB > SERERRE
GRS LT 75 (2008 ) Kz DINFOS #48uk © http://www.dinfos.osd.mil/ e

133




BB ORERE P hoBigh
T THEAEERE,  FBAEE- :@;ﬁ:—‘_mrr BRI E L
B R ek (1™ %@.DIK) * AR A S B .Fg,,i—g\mn;:y;
?)?r_’ kag%hr?%ﬁ PE IR MY éf\..’DIKp{ir' £rts g w
Gy E R :rrg FTE A drdee {3 fxgififswzz » RNFAR A R R B
Wi % > A H BTl G RhEE Fh 0 H 3T
2 LA AR #%?ﬁ»DIK 7538~ i A SrEh g Tk (T e R E o
LEAEY Tomild ahfEk | o & o
-+ DIK &3
TR B E TR TR A M B E B ani it e
Davenport & Prusak (1998) L% > 3 § A 3R A 3 DIK # 9| ‘Sv Adrk
EAVER G BT A A B (HE A LT HA Y - AR LT
) o F e DR ARA AT % - (R EEE 1998) 0 F Mi#i Hm
. (D. Weinberger) 7* 5 — BA G BT L5 - BAag &£ (3 & RF
02014) > & F 7R & 3 A AF o & Fldet o oA * Housel & Bell(2001
) EELE *F‘i #H Fx «»EF} DEFIAE P AR DIK 693550 o
(- )DIK €& & F * B FE2 A bldok L g2 & = B A
i 3R R TE RO rr#‘%lﬁ:* ¢ & DIK 53¢ -
(=) DIK % »‘i’ﬁ%‘-“yfi?ﬁiw gEL s B AR rj 4o 5 %
( Seren Kierkegaard ) “73p 4 REBM ERABA -ZHBEH 23 (2
R 1990) rﬁgwrﬁhw frfwd ;z;? RN l'abﬁfﬁsi "f"“’ﬁ T
FIRARIE AL B L DIK A5 o * doy 3 en? £ 150 &~ & $F8 080T 5+
A, }“f(\;/z# A Fr A DIK &S A EATE AN (PFELE
1990 : 106-107)
(2) BASSHES D » @3- L 2% S %A £ #30LDIK 25 -
(w2 ) T2 2 2HAEeFFH L 1 o (artificial knowledge )
4 E_DIK 255 » b4cd IBM B % g i (DeepBlue) Fpow iy RS E
+ #rta72 £ (Garry Kimovich Kasparov ) o

(_),;L‘ Az Pge Aot A2t (00 A5 AT F IEL BN
THRhiE) MEADIKA; s 23 AAFE ~ 2 BT > VL s o
d P aes 22X EREF e DIK & zea; 2 B e = 39:3;7%

AT A 7 ( datasc1entlst) o T A e (g5 2018) o

10

HE#E4¢ (The Gannett Foundation ) Fff52 25$ H199048 H1 HE 199142 H 28 Hil » £H
S S L B TSR A S S 1,035 X ( Gannett Foundation, 1991: 42) - Bennett ( 1994: 32)
fe R B A R S > BRRE Hi“i’ﬂy”ﬂm’ﬁﬁﬁ » — T E VI AL e S A SE Ry A AR -
e R B R B R 1T —(E A E RN R 2 ERR B E SR -
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“i3) TEIR4IE 0 i fF 0§ Mgt hDIK fed g4 A& 95 DIK 30
WM Z L R 2 o
=~ A AR Y T andk T

CpA o BHAEEAEF IR AR R Y RBAEE LS 2 20
;j;f_g] (%} B9 U FEI HFIHFL A4 ) U T p DK G

FEAERERE TSR AMAE ALY RE BT DK

ﬁviﬁ“‘—%i’fzfﬁig Pt o % Hodp S B AR S0 347 DIK et s < B 2 45 o
(=) BABFEF 4o TR M

FUFFRE ST I RBRIFERR S APY 0 TRTE =S fE
B3 LRE Nz A ® A tnews X @A E R Ao 5 P (SWIH)
A R34 o reportage Hy IR R B2 '3\ BE 3 /%] © ¢ journalism R H_i¢ &
B EETge (PR 2001) P R FHROEEREF TP B F

2]

)

A
23

2

g AR AT 3 ;ﬁﬂ&:’]“*] . ét;? B E AT AR o

iR T AR Va HB G 32 R mead P 2R
$19 10 R R R R B NG R R KR

YouTube 3% » % b T 2 B+ 5 £ #% (soldiers homecoming) | B % % &
oA 24 RIR Y BB R eh i a0 Y - 2R eE
Fro WEAEM FOAE D Ao RAREL RS (YA 0 2014) -7 R
WP EGLLFHEF OB GHG SR

DIK &1iF 4 #fifi it g it » $2 fpeh o2 ¥ TI5sk 4 i, o 4870 &
o B ke TaBikt i, B p (A G ) o Tibkdieg  %F 0
A7 REIL % > S5 IRBEBEF F PR fo R RN B T R X R 2
Eoxibik g AR T o RP RGP ERE L ,K,§\<%ﬁ*j\§ﬂ$

RHFY FPlafal £ 5 F > o XEF j‘%f "% B ok o EEPEE r&

AqRpET AR R 2 R AL ?;lﬁ-ﬁﬁ‘rﬁlw o EIREI T ThoptdFz
CE s R SRR, (ERE S 1994 1 129)
(=) %4 4@¥ ®aunse : SQ3R ¥ SCAMPER

Yok 3 oa mPE B A R R 0 # DIK fé-iﬁ TEA KRR PRI RS
FEFERAER (AT 0 1980) 0 T - AR MGE & RdoT

Y
DB
p\\
W
O

W REK EFEAE (N84S - WEIRRGEES ) 8Y—58) " H1E > #IZ - [EELFATALF | 7] LIRS 22
Ry N E R ELEERIRY > ER SRR (D HE > [EELHAEALE) HEE R RN — (D
e o

12 HAERA A T SO 2 TS SRR A - MR R B B AR - Al S R H R G
FE=Sal

B ($8ZfESR (Titanic) ) Y To make each day count. (E G —REAFTE) Bl (FHIEEHE (Forrest
Gump) ) HY Miracles happen every day. (FFiEEFREFEEA ) FHIEKH L 4A] o

1 IpasERE (WIS (Hamlet) ) S5 =HE—IGTIEHRERTF—ERAHMNE—4 : To be or not to
be, that is the question » FLAEHE B A5 » SR " The New Volvo S60 | Z—EbEEAH i «

S 2R T (Prometheus) ~ EREFE (Troy) -~ Bl E T (Knights of the Round Table) % -
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LEBY frenBd 22 - FRMeZE X B % 5 (F.P.Robinson) ¥ &
¥ (¥ Effective Study #% % "SQ3R j &~ £ 7 s 3 = 2> 7~ T E;E(Survey
) ~F# B (Question) ~ B (Read) -~ ’»‘stgﬁ (Recne) 4 ¥ (Review ) ( o
AL Eg A da R oV ERLIFATEE) o

2EFFET #ft B (Question) * 4 iFefh: 2 A BF AA8 7+ DIK
EF N TREA & R AL R bl i < R K7
')?g;r, Bl Lex ol PR AT ko s b X e lReh
BEEFE o

3 FE i 2 RAT I IV L LT IHAT Ui
+ g5 (Survey) ~ #3 (Recite) ~ 47 ¥ (Review)

4% "=+ | :DIK Ed SQ3R AT » ¥ Bl AN FR B I AT
Tl 30 A4 p A% 4 %7 (brainstorming) > ,’Eﬂkrﬂéﬁi B2 E
BN N R S I S S R T

5.DIK #p g /,%rf'”lﬁ B & Bk (SCAMPER)17 J sy I3
o fagk AT jE o
(= ) & € &4 (tact knowing) g #

CaR RS ) SR E TR B 4 54 fo DIK B4R g 0 pF w[a A
ey~ 7 d B Efedt e DIK £ d 77 A R f23 > ",/f 3 ST YAR LRV
o

AR L o T AL B SR8 TR
Bt A S FEODIK 44 0 2 Bt 2 @ F 0 5B A PG TETRIE |
BB AHDIKSEps » 3 583 o

B7 - e 42 £ (Michael Polanyi ) #74% B € ik #v (tact knowing
) BBk & il (tactknowledge) o A AREE Y A A B R

AR BT A e 4 B - BB A4 €& T3 §2 (understanding) o 1
2P ESHRAEE RSk DE LEACRIRE2012) LR = 2P AT
Peeift a2 7 il 27 Lika - E‘J’JJ\T'%K‘FK{IE; A ‘@\-g
(tacitly) @ ken> 7R A £ ngﬁ-f-DIK 1 E 19 T ft (internalization )

o

L

L

_p

o '?51'{'

© LT MRERIRNEM AR 0 T R 2 HRGRATL - BEL o EE TR 2B .

" SCAMPER &R & I 1IMaER 7 - HEA (Alex Osborn) AR » MEHCEAE I8 -
&I~ 1971 FEEFHH SR (Bob Eberle ) f{LREE T I S A ELIEEREIV/AZL « S (Substitute ? ) @ A DURH
%5 2 C (Combine ? ) : 4HEHEZIE ? A (Adapt? ) : AJLAEA ? M (Modify ? Magnify ? Minify ? )
BIE ? Bk ? 487N ? P (Put to otheruses ? ) - AA{EMiR ? E (Eliminate ? ) - [R5 ? R (Reverse ?
Rearrange ? )  fEZE5RE ? EHHEVIVE ?

" HEAE (Polanyi, 1966) {4fEH TR EZA TEfE (in-dwelling) | & (fH3EH - 2013) - A%
HTEMEAAR - EZEHEIHREEN ALY - TEREFIEE LTIV -

Y Bl AERFRLABN T - FREIRR A AR 0 ANEER TR » TR R AR —3T
53 o DIK fIFAL ~ FHZ N ANSRBEIZHEER SN TEE
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1 (Polanyi 1966 ; EH & >2013) » ¢ i A LHlNg2 K B2RA, ;& - =X

AT M\E L) o B R ‘\fjﬂ%bﬂ o= R oo
AL s .¢,; W AT R ET TR T A RE L & 0 4 Housel
& Bell (2001) % DIK 25 ;Ei,ﬁz’ifﬂ”l— #‘; cALE 0 A A LB %
i DIK et & f#ff 1§ xR - vt Azl #4750 7 DIK @tgﬂf‘"mﬁ"*

QR R R ?]tb«f.i“i%gﬁf;z.,—fizz»fﬁ Pk TREEE S M o XA
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